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2018 is nearing its end and it would seem that the economic turmoil the past years have not abated yet. If anything 
the turmoil in retail has continued and more and more retailers are having to take drastic measures to reduce cost 
and to protect themselves from bankruptcy. 


In the USA President Trump has, in spite of severe media and political attacks succeeded in making a number of 
positive changes which have seen the American economy showing encouraging signs of improvement. Unemployment 
is down, and the stock markets have shown an overall upwards momentum during the year. The one major concern 
however is to predict how the trade war with China will play out. This war has already impacted on the world stock 
markets and investors are wary of what will happen in the near future. 


According to Business insider many major retailers are closing or have closed down stores in 2018 and this has 
had a profound effect on employment and retail confidence. The major closures are Toys “R” Us closing 735 stores, 
Walgreens (600), Ann Taylor, Loft and Dress Barn (500), Best Buy (250), Mattress Firm (200), and Gap (200). 
Together a few thousand stores were closed due to the economic climate. On the other hand it may also be that it is 
not all negative and it affords companies to consolidate and place their businesses on a more sound footing for the 
challenges that lie ahead. 


South Africa recently hosted an investment conference in Sandton and according to news reports more than R290 
billion of investment was pledged by investors over the next 5 years. Obviously these investments will depend on 
steps taken by government to stabilize the economy and to rid government of state capture. This is a long term 
process and if strong action is not taken then it can be expected that these pledges will not materialize. Unemployment 
is still high in South Africa and the Rand weakened against the dollar due to the stronger economic outlook in the USA 
and the weaker economic outlook in South Africa- 0,7% growth expected for 2018!. 


It will be interesting to see how the retail and business landscape will look in 2019 and it can only be hoped that the 
world economy will show renewed momentum and that this will filter down to third world economies such as South 
Africa. 
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ABSTRACT 


The study analysed quality attributes that determine consumers’ preference and demand for food by taking the 
case of rice consumption. This study also explored the segmentation of the rice market in Tanzania based on the 
rice products’ attributes. Surveys and conjoint ranking exercises were conducted with 300 rice consumers randomly 
selected in Dar es Salaam and Morogoro markets in Tanzania. The conjoint analysis intended to assess the importance 
of preference attributes for rice products and simulate the preference market share. Subsequently, a cluster analysis 
identified consumer segments in the market, and a multinomial logit model was used to analyse the influence of 
socioeconomic characteristics on the probability of fitting into a particular segment. The results revealed that aroma, 
non-broken rice grains, and cleanness are key preference attributes. Three consumer segments were identified: 
consumers who received quality cues from the origin and were also price-driven, consumers who pursued aroma as 
the prime quality attribute, and consumers who explored all quality aspects. The illustrative segments indicate the 
possibility of identifying market niches and, consequently, orient rice production, processing and marketing, to target 
the preferences and needs of such niches. Producers must invest in the production of aromatic varieties because 
aroma remains the key attribute preferred in Tanzania. Traders and processors must invest in advanced technology 
to improve the cleanness of rice and reduce the proportion of broken rice. The government and development partners 
must support research to promote the attributes desired in rice markets. 





Keywords: Rice quality attributes, Conjoint analysis, Rank-ordered logistic regression, Discrete choice model, 
Cluster analysis, Consumer segments 











INTRODUCTION 


The theory of consumer behaviour stipulates that consumers seek to identify and select the consumption bundle 
they most prefer based on tastes and expectations (Bray, 2008). Preference is determined by utility (The Luc & 
Soubeyran, 2013). In other words, from the theoretical perspective of Lancaster (1966), consumers derive utility 
from a bundle of attributes and frequently pay a premium price for desired attributes. These desired attributes are 
often identified in terms of quality criteria. Quality is inferred from various cues and characteristics, namely, intrinsic 
and extrinsic quality characteristics (Banovic, Grunert, Barreira & Fontes, 2009). Intrinsic attributes are physical and 
chemical properties built into the product and indicative of objective quality (Grunert, 2005). According to Jimenez- 
Guerrero, Gazquez-Abad, Huertas-Garcia & Mondéjar-Jiménez (2012), intrinsic attributes cannot be changed without 
altering the nature of the product. Extrinsic characteristics are product-related attributes but not part of the physical 
product, they exist outside the product (e.g. brand, price, country of origin, services) (Luning & Marcelis, 2009). 
Several authors have agreed that extrinsic attributes are not essential or inherent in the product; however, they can 
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affect the users’ quality perception or product’s acceptance (Espejel, Fandos & Flavian, 2007; Li, Shoemaker, Maa, 
Moon & Zhong, 2008; Banovic et al., 2009; Napsintuwong, 2012; Fiamohe, Nakelse, Diagne & Seck, 2015). Grunert 
(2005) describes such extrinsic attributes as subjective quality, whereas intrinsic attributes are referred to as objective 
quality. 


Although the aforementioned attributes convey the quality expectations consumers use to evaluate products, the 
quality assessment is completed through the experience of cooking and eating. According to Brunsg@, Fjord & Grunert 
(2002) and Campo, Furnols, Nute, Oliver, San-Julian & Safudo (2006), the relationship between quality expectation 
and quality experience (i.e. before and after the purchase) determines product satisfaction and consequently, 
the probability of repurchasing the product. Notably, apart from the attributes of the product, actual consumption 
behaviour depends on ‘practical, institutional or economic realities of the world’ (Jehle & Reny, 2000). Hence, in line 
with consumer demand analysis, factors such as income and price are critical in the determination of choices that are 
conceivable and realistically attainable by consumers. 


Within this choice net, consumers can reveal their preference-led decisions. The current decade’s increased 
focus on food quality in developing countries highlights the transformation in food markets where consumers’ food 
choices are oriented towards quality-differentiated marketing systems associated with an increase in demand for 
quality products, especially as a result of increasing income and urbanisation (Reardon & Timmer, 2005). However, 
increasing dissatisfaction has been observed with product quality among consumers due to failure of the existing 
market systems to communicate quality (see, e.g. Mujawamariya, Burger & D’Haese, 2012). 


The basis for differentiation is that consumers are, in general, heterogeneous in behaviour (East, Singh, Wright 
& Vanhuele, 2016); in a particular market, they rarely have exactly the same needs and expectations. Differentiation 
can therefore respond to distinct consumer segments. Consumers who share the same preferences, based on their 
needs, socioeconomic criteria, lifestyles, values, geographic, psychographic, and behavioural features represent a 
specific consumer segment (Pouta, Heikkila, Forsman-Hugg, Ilsoniemi & Makela, 2010; Wedel & Kamakura, 2002; 
Kotler & Armstrong, 2012). According to Kotler & Armstrong (2012), in the market, segmentation helps firms define 
particular marketing mix strategies that target customers belonging to each segment with specific profiles and needs. 
Thus, differentiation creates opportunities for producers and value chain actors to produce and supply products by 
aiming to serve specific target markets (Grunert, 2005). 


Studies of consumer preferences for rice (e.g., Kaosa-ard & Juliano, 1992; Ara, 2003; Suwannaporn & Linnemann, 
2008; Azabagaoglu & Gaytancioglu, 2009; Anang, Adjetey & Abiriwe, 2011; Walisinghe & Gunaratne, 2012) have 
demonstrated the importance of quality attributes. Attributes intrinsic to rice include cleanness, homogeneity, sensory 
attributes (e.g. flavour, aroma, taste, texture, proportion of damaged, and discoloured grains), and extrinsic attributes 
of rice include presentation, packaging, brand, and the label (also see Demont, Rutsaert, Ndour & Verbeke, 2013b). 
These factors and other identified criteria such as price, location (area of rice production or sale) affect the consumers’ 
choices (Walisinghe & Gunaratne 2012). 


In considering specific markets, differences in preference attributes are observed. For instance, Goodwin, Holcomb 
& Rister (1996) indicated that the demand for rice by Asian-Americans in Houston, Texas, was primarily influenced 
by the size of grain and packaging, whereas taste, cooking quality, cooking time, and aroma defined the quality of 
rice most preferred by consumers in Ghana (Anang et al., 2011). In several cases, consumers have used the country 
of origin as a quality indicator (Schnettler, Ruiz, Sepulveda, Sepulveda & Denegri, 2009; Allaire, Casabianca & 
Thévenod-Mottet, 2011; Pouta et al., 2010). This criterion is observed, for instance, in the Thailand export market for 
jasmine rice (Suwannaporn & Linnemann, 2008) and in the Chilean market (Schnettler et al., 2009). 


Health concerns are also at the heart of preference attributes for rice. For instance, consumers in the Japanese 
rice market readily paid a premium for domestic certified rice and pesticide- and fertiliser-free rice (Hara, 2000). In the 
Philippines, health and certification were the primary factors in consumption of organic rice (Ara, 2003). 


In Tanzania, distinct rice consumer groups are identified. These groups are (1) rural consumers who also produce 
rice, (2) middle- and high-income urban consumers, and (3) institutions such as schools and hospitals (Wilson & 
Lewis, 2015; Kilimo Trust, 2017). In the country, evidence has indicated an increase in rice consumption levels 
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due to increasing incomes; therefore, efforts are being made to increase rice availability by providing improved rice 
varieties and sensitising farmers to adopting good agronomic practices (KATRIN, 2012). Interest in increasing the 
understanding about the needs and preferences of the growing group of urban consumers’ and the related influencing 
factors is necessary, however, because the current market system does not permit a clear differentiation of quality 
attributes. 


No formal grading system exists in local markets (MAFSC, 2009; Wilson & Lewis, 2015). For instance, rice 
originating from different production regions is often sold under a single origin associated with the best quality rice 
(Allaire et al., 2011). In popular markets for foodstuffs in Tanzania, rice is not packaged but weighed in kilograms as 
requested by the buyer; consumers are indifferent as to how much they value branded packaging (Kilimo Trust, 2014). 


Indicators of rice grades are not clearly defined at local markets either (Wilson & Lewis, 2015). Premium rice that 
is aromatic and less than 5% broken is available in supermarkets. In markets, rice is sold in packages of different 
weights, such as 1, 2, or 5 kg. Challenges remain in obtaining a complete idea of what consumers prefer. The popular 
definition of quality has aromatic and breakage attributes, but the influence of other factors, such as cleanness, ‘true’ 
origin, and price as well as the relationship among these factors on consumers’ behaviour is unclear. 


Against this backdrop, this study investigated consumers’ preference for rice. Specifically, this study sought to 
(a) determine the attributes that explain consumers’ preference for rice in general, (b) identify the main segments 
in the popular urban market for rice, and (c) analyse the socioeconomic factors that distinguish these segments. 
Although the study covers the rice sector in Tanzania, the qualitative lessons enrich the discussion on food marketing, 
especially in developing countries where market information is often absent. This study is valuable because when 
income levels increase and the market for rice expands, consumers will pay premium prices for specific rice attributes. 
Additionally, understanding consumer preference is critical for product development, design, and acceptance and 
consumer segmentation (Blijlevens, Creuexsen & Schoormans, 2009). 


Section 2 includes details on the methodological steps and a description of the data. Section 3 presents the 
results, and section 4 discusses these results. Section 5 concludes by providing a summary of the main findings, 
further research indications, and policy implications. 


METHODOLOGY 


This study applied a variety of approaches. In the first stage, conjoint analysis was used to determine attributes that 
explain consumers’ preferences and how these preferences translate into market preference shares. Subsequently, 
a cluster analysis was conducted to identify consumer segments. Lastly, the socioeconomic characteristics that 
influence segmentation were investigated through a discrete choice model. 


Conjoint analysis of consumer preferences 


The conjoint analysis belongs to the family of stated preference methods that have been used in consumer 
research. These methods apply survey and hypothetical design approaches or choice trials, where a person is 
directly or indirectly asked to express their value for a good or service. The purpose is to generate information on the 
valuation of attributes among commodities (Breidert, 2005; Lusk & Shrogen, 2007). 


This study followed three main interrelated steps in the conjoint analysis procedures. The first step was an 
identification of appropriate attributes and levels as stimuli for consumer choice. The second step was a selection of 
an experimental design and the formulation of a survey instrument for collecting conjoint data. The third step entailed 
choosing an appropriate composition model and estimating buyer part-worth utilities (Breidert, 2005; Houser, 2006). 
The ‘part-worth’ for each of the notable product attributes is a disaggregation of the overall preference or total ‘worth’ 
of a product representing the individual consumer’s utility (Hair, Black, Babin & Anderson, 2010). 


The rice attribute levels were identified from the literature, including the work of Goodwin et al. (1996), Anang et al. 
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(2011), Walisinghe & Gunaratne (2012), Demont, et al. (2013b) and Fiamohe, et al. (2015), as critical determinants of 
quality in the market and for consumer preferences. These major rice attributes include grain colour, length and shape, 
aroma, swelling capacity, taste, cleanness, breakage rate/cracks, origin, and price (e.g., Ara, 2003; Suwannaporn 
& Linnemann, 2008; Azabagaoglu & Gaytancioglu, 2009; Anang et al., 2011; Walisinghe & Gunaratne, 2012). The 
selected attributes were origin, aroma, cleanness, and breakage rate/cracks. 


The choice of attributes is influenced by the following: (1) the rice grain appearance is almost uniform in Tanzania, 
and the varieties traded in the market are white and have long grains; and (2) no reliable information on quality 
characterisation of rice types in terms of translucence, chalkiness, or taste is available to be easily translated into 
the factors determining consumers’ choice (MAFSC, 2009; Wenela, 2013; Wilson & Lewis, 2015). Price is added to 
these attributes, although it is correlated with the other attributes (i.e. origin, aroma, cleanness, and breakage rate), 
because price is an attribute that represents a special value component for many products and services (Hair et al., 
2010); as aforementioned, it determines realistic and attainable choices. The included attributes were confirmed 
through market observations and formal interactions with market actors. The related levels and characteristics are 
shown in Table 1. 


Origin indicates the rice production region. Origin is one of the most applied extrinsic cues of food quality, and this 
implies that the product has specific qualities due to the production location (Allaire et al., 2011). As Grunert (2005) 
explained, consumers may use this cue to link the product to knowledge of the region of origin, which may be relevant 
in forming a quality evaluation. Consumers may use this cue at the time of repeat purchases to re-identify the product. 
This process is especially relevant when the product does not carry a strong brand and implies that consumers 
have knowledge about the region of origin (otherwise, this information would not hold any meaning to them) or that 
information on the exact origin is available. 


The three regions investigated in this study were Mbeya, Morogoro, and Shinyanga and, according to the Ministry 
of Agriculture, Food Security and Cooperatives (MAFSC) (2009), these are some of the main rice-growing areas in 
Tanzania. Other regions where rice is grown include Arusha, Rukwa, Tabora, and Ruvuma. All together, these regions 
account for 78% of the rice produced in Tanzania (Mwakalinga & Massawe, 2007). Rice from Pakistan, Vietnam, 
and India represent the major share of imported rice found in supermarkets. Most rice consumers in Tanzania prefer 
locally produced rice to imported rice; they associate the imported rice with a lack of freshness, aroma, and taste 
(Wilson & Lewis, 2015). 


TABLE 1: Cleanness and breakage rate are retained as visual 
RICE ATTRIBUTES AND LEVELS FOR 


indicators of post-harvest quality. Although rice is a 
CONJOINT ANALYSIS 


highly desirable food in urban areas, consumers do not 
appreciate spending time and energy to clean it prior 














Attributes Level of attributes to cooking (Stryker, 2010). Notably, local rice generally 
Rice from Morogoro tends to have a greater amount of impurities unless 
Origin Rice from Mbeya precautions are taken at the intermediary levels of the 
Rice from Shinyanga value chain (millers and retailers) to sort and clean the 
Cieaniese Clean rice . rice before selling (Stryker, 2010). In such a case, a 
Nonilean rine premium that partly covers the cost of sorting and cleaning 
Breakage rate? Pickemiiice is charged to the consumer. Regarding the breakage 


Non-broken rice 





rate, consumers prefer not more than 20%—30% broken 
Aromatic rice 


Aroma he rice (Bill & Melinda Gates, 2012). The several extant 
Non-aromatic rice 
TShs [1,000-1,500] 

Price per kg? TShs [1,500-2,000] 


TShs [2,000-2,500] 





small- and medium-sized millers do not use the modern 
equipment that prevents high breakage rates; thus, 
grading becomes costly to them (Bill & Melinda Gates, 





2012). The breakage rate is also linked to some rice 


Broken rice contains greater than 30% breakage. varieties and agronomic practices. 
>The upper limit of price intervals is excluded. 
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Aromatic rice is highly valued by consumers (Kilimo Trust, 2014; Wilson & Lewis, 2015). Local rice varieties are 
mainly aromatic. However, the low yields of such varieties and high demand for aromatic rice make this product 
generally more expensive than non-aromatic or semi-aromatic rice (Match Maker Associates Ltd, 2010), which is 
mixed with rice with aroma because there is little market for it otherwise (Wilson &Lewis, 2015). This study includes 
two levels of aroma: aromatic or not. 


Three price intervals are included in the study. The use of intervals reflects that the price of rice is not fixed in 
markets: it varies overtime and across markets. A small range of 500Tsh (=0.30USD at the exchange rate of 01 May 
2014) is used for the intervals to ensure that consumers’ behaviour is more or less the same at the low, medium, and 
high levels of price interval. 


The design of the combinations of the factor levels permits ranking by consumers. These factor levels represent 
the product profiles. In this case, a full factorial design would have generated 72 hypothetical product profiles (three 
levels of origin, two levels of cleanness, two levels of breakage, two levels of aroma, three levels of price). This 
design is unmanageable because too many combinations exist for an individual consumer to rank them. To remedy 
this situation, the representative subsets of profiles were generated through an orthogonal array design. Using a 
statistical programme (SPSS 16), this orthogonal design generated 16 product profiles, which were presented to 
respondents for ranking from 1 to 16 based on their preference order (Table 2). 


During the analysis, the ranking score for each combination was used to infer the relative contribution of the 
attribute levels (part-worth utility) and evaluate full product utility. The conjoint model assumed that (1) a product 
is a bundle of attributes (additively), (2) the utility of the product is a simple function of the utilities of the attributes, 
and (3) utility predicts behaviour (i.e. purchases) (Breidert, 2005; Gupta, Hansen & Singh, 2005). The utility from 
respondents’ ranking of rice product profiles was calculated as the sum of the part-worth utilities of the levels of all 
rice attributes. Two estimation procedures were used in the analysis: a linear conjoint and a rank-ordered logit model. 


The linear conjoint analysis model measures an individual’s preference structure through systematic variation 
of the product attributes. It is represented by the following equation: 


Ry = Bo + DBE DE + ¢; (1) 


where R, is the ranking from 1 to 16 assigned to product p. Di | is a dummy variable defined as: 


k pr if product i has level j on attribute k 


4 ~~ (0 otherwise 


BF is the coefficient characteristic of each attribute, that is, the mean in ranking produced when the default level for 


TABLE 2: 
ORTHOGONAL DESIGN FOR RICE PROFILES 











Card|ID Origin Cleanness Breakage Aroma Price interval 

1 Shinyanga Non-clean Non-broken Aromatic TShs [2,000-2,500] 
2 Morogoro Clean Non-broken Non-aromatic TShs [1,000-1,500] 
3 Shinyanga Clean Broken Non-aromatic TShs [1,000-1,500] 
4 Shinyanga Clean Non-broken Aromatic TShs [1,500-2,000] 
5 Morogoro Non-clean Broken Aromatic TShs [1,500-2,000] 
6 Morogoro Non-clean Non-breakage Non-aromatic TShs [1,500-2,000] 
7 Shinyanga Non-clean Breakage Non-aromatic TShs [1,000-1,500] 
8 Morogoro Clean Non-breakage Non-aromatic TShs [2,000-2,500] 
9 Mbeya Non-clean Non-breakage Aromatic TShs [1,000-1,500] 
10 Morogoro Non-clean Non-breakage Non-aromatic TShs [1,000-1,500] 
11 Mbeya Clean Breakage Non-aromatic TShs [1,500-2,000] 
12 Morogoro Clean Breakage Aromatic TShs [1,000-1,500] 
13 Morogoro Clean Breakage Aromatic TShs [2,000-2,500] 
14 Morogoro Non-clean Breakage Aromatic TShs [1,000-1,500] 
15 Mbeya Non-clean Breakage Non-aromatic TShs [2,000-2,500] 
16 Mbeya Clean Non-breakage Aromatic TShs [1,000-1,500] 
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The rank-ordered logit model analyses how decision-makers combine attributes of alternatives into overall 
evaluations of the attractiveness and desirability of these alternatives. This model uses the maximum likelihood 
method to identify how decision-makers rank the alternatives rather than only specifying the alternative they like best. 
The probability of observing a specific ranking of profiles in the model represents a sequential decision interpretation 
that first selects the most preferred alternative, then the most preferred alternative among the rest, and this process 
is repeated. As explained in the Stata manual (StataCorp, 2013), the probability that each of the alternatives is ranked 
first is conveniently computed under the assumption that the error in each level of attribute is independent and follows 
an extreme value type | distribution. Consequently, the probability (1,) that a rice product profile (e.g. X=1) was valued 
higher than other product profiles (X=2, 3, ..., 16) can be written in the multinomial logit form according to equation 
(2), whereby the value of a product profile (X=1, 2, ..., 16) was a function of levels of attribute parameters estimated 
by the rank-ordered logit model. 


- _ expCy’,_,) 
Ni PrLYX = Max X js. wl} > expLY_,) (2) 


The probability of observing a specific ranking can be written as a product that represents a sequential decision, 
as previously described. The rank-ordered logistic regression model was estimated with the Stata software package. 





From the conjoint analysis results, a simulation of expected market share was performed to compute the percentage 
of respondents who prefer each product profile. The simulation showed how much a product’s overall preference can 
be improved (or made worse) by changing its attribute levels one at a time while holding all other attributes constant 
(Orme, 2010). This study’s simulation was based on the logit model that determines the probability of choosing a 
product as the ratio of a certain rice profile’s natural log of the utility to that for all simulation profiles and averaged 
across all respondents. 


Analysis of segmentation and its determinants 


The partial utilities generated by the conjoint analysis at individual levels were used to examine segmentation 
based on consumer preferences. Following Mooi and Sarstedt (2011), such segmentation was performed by using a 
two-step cluster analysis. In this procedure, a log-likelihood distance measure was applied; it assumes that variables in 
the cluster model are independent and each continuous variable is assumed to have a normal (Gaussian) distribution. 
The partial utilities used as clustering variables are standardised, and the Bayesian information criterion is used as 
the clustering criterion. 


After grouping consumers into segments according to their preferences, these preferences were related to other 
individual and household characteristics: age, sex, matrimonial status, household size, education (whether a person 
has completed secondary school or higher studies), main economic activity, food expenditure per month, and the 
frequency of rice consumption. Discrete choice models were used to assess the influence of these characteristics 
on the likelihood of belonging in a certain segment. The dependent variable is the categorical unordered variable 
expressing the different segments to which consumers can belong. On the grounds of random utility, a discrete choice 
model was used where for the i consumer faced with J segments, the utility of belonging in segment j is 


Ui; = Zi; + &:; (3) 
Following Greene (2012), if the choice of segment / is made, it is assumed that U; is the maximum among the J 


utilities. The estimation of the model provides a set of probabilities for a decision-maker with characteristics x, such 
that 


_ exp (Bx) 7 
Probl) POOL oy oa egugy fated a 


The error terms are assumed to be independent, standard normal, random variables. 





Data description 


The data was obtained in market surveys conducted in the cities of Dar es Salaam and Morogoro in Tanzania. Dar 
es Salaam accounts for approximately 60% of national rice consumption in Tanzania (Kawamala, 2013), with widely 
distributed markets. Morogoro is the second largest producer of rice in Tanzania (12%—16% of total production), with 
approximately 100,000 ha of rice cropping area in 2011 (Bill & Melinda Gates, 2012). Morogoro has two markets and 
a small number of supermarkets. Production, processing, and marketing efforts in Morogoro, as in several regions in 
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the country, are directed towards serving Dar es Salaam. 


Surveys were conducted with adult consumers 
identified when going to or coming from purchasing 
rice. Random sampling was applied in the selection of 
respondents. In total, 300 consumers were selected for 
the study, 152 were from Dar es Salaam and 148 from 
Morogoro. During the survey, consumers responded to a 
structured questionnaire designed to collect information 
on their personal characteristics, rice consumption 
characteristics, and rice consumption preferences. The 
respondents also ranked 16 cards that showed the rice 
profiles (Table 2). Table 3 presents a summary of sample 
characteristics. 


Most of the respondents were women because, 
in almost all cases, they are responsible for food 
consumption decisions in their households (McIntosh & 
Zey, 2013). The majority of respondents were married 
women: 62.7% of the sample. The youngest participants 
(18-25 years old) were 16% of the respondents, and the 
largest group combined categories of participants and 
were between 25 and 45 years old. Households were 
mostly of medium size and on average included four 
members (51.3%); smaller households of three persons 
or less also represented a significant proportion (33.7%). 


In terms of education, almost all respondents had 
some formal schooling (95.7%); those who completed 
secondary or higher studies were 55% of the sample. 
Monthly expenditure on food is on average close to 
250,000Tsh (=150USD at the exchange rate of 01 May 
2014). However, variation was observed between the two 
cities due to differences in income levels and the cost of 
living. 

In terms of occupation, most of the respondents were 
employed (43%), followed by a proportion of respondents 
who were engaged in trade (25%). A description of 
consumers’ actual behaviour regarding the frequency of 
rice purchase and consumption is presented in Table 4. 


TABLE 3: 


SAMPLE CHARACTERISTICS 






































TABLE 4: 

RICE PURCHASES AND CONSUMPTION FREQUENCY 

(PERCENTAGE (SE)) 
Frequency Purchases? Consumption 
Once per month 46.1 (0.041) 5.0 (0.013) 
Once per week 32.9 (0.038) 13.0 (0.019) 
Thrice per week 5.9 (0.019) 25.3 (0.025) 
Once per day 15.1 (0.029) 52.7 (0.029) 
Twice per day 4.0 (0.011) 
N 152 300 


Variables ao 
Sex 
Male 23.4 (0.025) 
Female 76.6 (0.025) 
Marital status 
Single 22.7 (0.024) 
Married/Separated/Widow 77.3 (0.024) 
Age 
18-25 years 16.0 (0.021) 
25-35 years 36.3 (0.028) 
35-45 years 27.3 (0.026) 
45-60 years 17.0 (0.022) 
60+ years 3.3 (0.010) 
Household size 
1-3 persons 33.7 (0.027) 
4-6 persons 51.3 (0.029) 
Greater than or equal to 7persons 15.0 (0.021) 
Average (persons)* 4.6 (2.379) 
Education level 
None 4.3 (0.012) 
Primary 40.7 (0.028) 
Secondary 27.7 (0.026) 
College/university 27.3 (0.026) 
Food expenditure per month in TSh® 
Less than 100,000 20.7 (0.023) 
100,000-200,000 25.7 (0.025) 
200,000-300,000 25.0 (0.025) 
300,000-400,000 12.0 (0.019) 
400,000-500,000 11.0 (0.018) 
500,000-600,000 3.7 (0.011) 
600,000 and above 1.8 (0.007) 
Average (1000TSh) 244.6(159.6) 
Occupation 
Trade 25.0 (0.025) 
Employed 43.0 (0.029) 
Other 
(agriculture, craft, housewife, unemployed) 32.0 (0.027) 








aln Morogoro, information on frequency of purchases was unavailable. 


aAverage values and standard deviations in parentheses. 


Exchange rate: 1USD=1660 Tanzanian Shillings (May 2014) 
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Most of the respondents bought rice monthly or at least weekly (53.9%). Regarding consumption behaviour in the 
two cities, most of the respondents ate rice in their households every day (56.7%), either once or twice per day. The 
frequency of rice purchases determined the availability of rice for consumption by the household; hence, an inverse 
relation between rice purchase and consumption was observed: households purchase a large quantity of rice once for 
the whole week or month’s consumption. Periodic bulk purchasing behaviour is an indicator of the consumers’ careful 
choice regarding which rice type to purchase with an emphasis on quality, that is, consumers want to buy a product 
of acceptable quality if they are going to consume the product several times. 


RESULTS 


Relative importance and consumers’ preferences for rice attributes 


The results of the conjoint analysis and the rank-ordered logit model are presented in Table 5. Pearson’s R and 
Kendall's tau-b statistics showed the stability of the estimated models between the rice attributes and rank orders of 
respondents’ preference. These statistics suggested high predictive validity for the model. The utility value of levels 
of rice attributes was based on how respondents ranked the rice profile. Positive and negative values were observed. 
Preferences for a certain level of an attribute became stronger when the utility values increased. 


The conjoint analysis showed that respondents derived utility from the rice produced in Mbeya, whereas rice 
from Morogoro and Shinyanga had negative utility. With respect to other attributes, utility for aromatic rice was the 
highest among all attributes; the value declined when rice was non-aromatic. In the case of price, utility declined 
with an increase in price. Based on importance values, aroma was the most significant attribute for rice consumers 
and indicated by 30% relative importance; origin was the second preferred attribute (19.9%), followed closely by 
cleanness (18.5%), price (16%), and breakage rate (15.3%). 


Regarding the rank-ordered logit model, the sign of coefficients implied the direction of influence of the rice 
attribute level to overall preference; the rate of influence of an attribute level became stronger as absolute values 
increased. Significant results indicated that aromatic rice positively influenced consumers’ preference for rice, followed 
by cleanness, non-breakage, and price. 


TABLE 5: 
PREFERENCES OF RICE ATTRIBUTES AND AVERAGE WTP ESTIMATES 











Conjoint analysis . 
Levels — = — Ranked-ordered logistic? 
Utility estimate Relative importance (%) 
Morogoro -0.23 -0.05 (0.04) 
Mbeya 0.25 19.9 0.03 (0.05) 
Shinyanga -0.03 
Non-cl 2.4 
on-clean 185 
Clean 4.8 0.62 (0.03)*** 
Broken 1.6 
15.3 
Non-broken 3.1 0.39 (0.03)*** 
Non-aromatic 3.8 
: 30.3 
Aromatic 76 0.98 (0.04)*** 
TSh [1,000-1,500] 0.7 0.27 (0.04)*** 
TSh [1,500-2,000] 0.5 16.0 0.24 (0.05)*** 
TSh [2,000-2,500] 0.2 
Constant -3.6 
Pearson's R 0.987*** 
Kendall’s tau 0.950*** 
LR chi-square 1205.23*** 





aBase levels of attributes are omitted in the rank-ordered logit to avoid perfect collinearity. **: 5% and ***: 1% level of significance 
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Simulation of consumers’ preference market share 


When product profiles are specified in the market simulator, the percentage of respondents who would prefer 
each profile is estimated. Table 6 includes the results of market simulations of shares of preference. The predicted 
probability of choosing each of the simulation cases as most preferred was based on the logit model. Simulations are 
presented in scale from 0 to 100 and assumed to have ratio scale properties. 


TABLE 6: 
PREFERENCE PROBABILITIES OF SIMULATIONS ANALYSIS 














Rice Profile 
Score Logit 

Card Number Origin Cleanness _ Breakage Aromatic Price 

16 Mbeya Clean Non-Broken Aromatic TShs [1,000-1,500] 12.86 31.09% 
4 Shinyanga Clean Non-Broken Aromatic TShs [1,500-2,000] 12.34 19.72% 
13 Morogoro Clean Broken Aromatic TShs [2,000-2,500] 10.34 7.94% 
12 Morogoro Clean Broken Aromatic TShs [1,000-1,500] 10.83 7.92% 
9 Mbeya Non-Clean Non-Broken Aromatic TShs [1,000-1,500] 10.46 712% 
1 Shinyanga Non-Clean Non-Broken Aromatic TShs [2,000-2,500] 9.70 6.32% 
8 Morogoro Clean Non-Broken Non-Aromatic TShs [2,000-2,500] 8.11 5.34% 
2 Morogoro Clean Non-Broken Non-Aromatic TShs [1,000-1,500] 8.60 3.63% 
11 Mbeya Clean Broken Non-Aromatic TShs [1,500-2,000] 7.28 2.43% 
14 Morogoro Non-Clean Broken Aromatic TShs [1,000-1,500] 8.43 1.92% 
3 Shinyanga Clean Broken Non-Aromatic TShs [1,000-1,500] 7.24 1.65% 
15 Mbeya Non-Clean Broken Non-Aromatic TShs [2,000-2,500] 4.64 1.51% 
5 Morogoro Non-Clean Broken Aromatic TShs [1,500-2,000] 8.19 1.13% 
7 Shinyanga Non-Clean Broken Non-Aromatic TShs [1,000-1,500] 4.84 0.92% 
10 Morogoro Non-Clean Non-Broken Non-Aromatic TShs [1,000-1,500] 6.20 0.90% 
6 Morogoro Non-Clean Non-Broken Non-Aromatic TShs [1,500-2,000] 5.96 0.46% 








The model indicated that rice profile 16 (the Mbeya rice, which is clean, non-broken, aromatic, and sold within the 
lowest price interval) was the most preferred in Dar es Salaam, followed by profiles 4, 13, 12, 9, and others. Profiles 6, 
10, and 7 had the lowest market preference shares. 


The cluster analysis generated three segments of consumers in the rice market. A characterisation of these segments 
based on preference attributes is shown in Table 7. 


The first segment includes consumers who ranked the highest importance as origin but were also price conscious. 
This cluster demonstrated that their preference for clean rice was important and was the only segment that did not assign 
the highest importance to aroma. For this segment, origin 








TABLE 7 and affordability were the ideal criteria. 
SEGMENTATION OF CONSUMERS BASED ON A 
CLUSTER ANALYSIS The second segment includes consumers who 

: (1) (2) (3) primarily pursued aroma while other attributes received 
puInUIRE Origin & price Pursuit for aroma True quality less attention. The third segment includes consumers 
Origin 30.3 14.4 18.2 who were interested in all aspects of quality. To them, 
Cleanness 16.6 13.9 24.5 cleanness, breakage, and aroma were important but 
Breakage 11.1 10.7 22.8 origin was too. Price was least important to this segment. 
Aroma 15.7 50.3 20.2 . . . . 
Price per kg 26.3 107 143 The multinomial logit model estimated factors that 
Dissisdalei 0.833% 0.999*** 0.9gt* determine the probability of being in a certain consumer 
ional (a 0.728%" 0.900*** 0.917" segment. The results are presented in Table 8. 
N 7 112 111 The property of independence of irrelevant alternatives 


Proportion in sample 25.7 37.3 37.0 (IIA), which is assumed by the multinomial logit model, 
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TABLE 8 
MARGINAL EFFECTS AFTER A MULTINOMIAL LOGIT ESTIMATION OF CONSUMER SEGMENTS (N = 300) 





(1) (2) (3) 


Variable 



































Origin & price Pursuit for aroma True quality 
Sex (1: male) 0.002 -0.041 0.049 
(0.074) (0.061) (0.057) 
Marital status (1: married, divorced or widow) 0.054* -0.017 -0.035 
(0.049) (0.090) (0.066) 
Age (years) -0.016 -0.033* 0.046* 
(0.023) (0.024) (0.029) 
Household size (persons) 0.007* -0.008** 0.016 
(0.025) (0.037) (0.042) 
Education (1: Secondary education or higher) -0.064* -0.066* 0.131** 
(0.046) (0.061) (0.045) 
Frequency of rice consumption (times per week) 0.041** 0.001 -0.044* 
(0.020) (0.035) (0.032) 
Food expenditure per month (log) 0.063* -0.074* 0.014 
(0.044) (0.047) (0.040) 
Engaged in trade 0.018 -0.084** 0.068* 
(0.051) (0.071) (0.052) 
Employed -0.086*** -0.010 0.078* 
(0.024) (0.070) (0.059) 
City (1: Dar es Salaam) -0.233°" 0.322** -0.089 
(0.070) (0.125) (0.115) 
Hausman Chi2 (df = 11) -0.251 -0.088 -2.723 
Small-Hsiao Chi2 (df = 11) 7.894 7.903 5.407 
Probability of segment 0.25 0.36 0.39 


LR chi2 = 39.72***, Log likelihood = -304.59; McFadden Pseudo R2 = 0.06 


was tested. The null hypothesis is that the odds (Outcome-J vs Outcome-k) are independent of other alternatives. On 
examining the test results, we observed that the Hausman chi-square statistic was actually negative and the Small- 
Hsiao chi-square statistic was nonsignificant. This result was interpreted as strong evidence that the null hypothesis 
could not be rejected, that is, the IIA was not violated. 


Notably, the models predicted the probabilities of segments that closely matched the observed proportions in 
Table 7 [25.7%, 37.3%, and 37.0%, respectively, for segments (1), (2), and (3)]. We also note that socioeconomic 
characteristics were significant in influencing the probability of belonging to different segments. The first segment of 
consumers who attached importance to origin and a reasonable price was significantly influenced by marital status 
(married, divorced, or widowed consumers had a high probability of belonging to the segment), household size 
(belonging to larger households increased the probability of belonging to the segment), education (consumers who 
had not completed secondary school or higher had a high probability of belonging to the segment), high frequency 
of rice consumption, expenditure on food (large monthly expenditures on food increased the probability of belonging 
to the segment), and consumers who did not belong to the formally employed category. The location dummy was 
negative and significant, implying that consumers from Morogoro were more likely to belong in this category. In 
interpreting these results, the focus on price was assumed to be a result of attempting to manage the food expenditure 
in large households. 


The second segment included consumers interested in aroma. Notably, consumers who were young, from smaller 
households, had not competed secondary school or higher studies, spent less on food, and not engaged in trade 
had a high probability of belonging to the segment. The location dummy was positive and significant, implying that 
consumers from Dar es Salaam were more likely to belong in this category. The segment also included consumers 
who were assumed to have limited access to information on quality; hence, the focus on aroma was associated with 
quality cues. 
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The third segment includes consumers interested in assessing all aspects of quality. Notably, consumers with a 
high probability of belonging to the segment were older, had completed secondary school or higher, consumed rice 
less frequently, and engaged in trade or were formally employed. This segment attracted bulk buyers from large 
households who had access to information on quality or acquired sufficient knowledge and skills to assess quality. 


DISCUSSION 


When consumers evaluate rice based on the perceived utility value of attributes, they assign the highest utility to 
attributes they consider most important in their purchase decision. The conjoint analysis and rank-ordered results 
implied that the most important attribute that defines consumers’ preference for rice in Tanzania is aroma, and it 
accounts for 30% relative importance in the preference attributes. Actual market price in the cities confirms this 
demand aspect: aromatic rice fetches a higher price than non-aromatic rice varieties in all the markets (Kilimo Trust, 
2014; Wilson & Lewis, 2015). The strong preference for aromatic rice in other countries is also highlighted. For 
instance, in European markets, consumers’ demand for aromatic rice varieties, particularly basmati, has increased 
since the early 1990s due to the increasing number of immigrants from Far East countries and interest in ethnic 
cuisine (Ferrero and Nguyen, 2004). According to Napasintuwong (2012), aromatic rice (basmati and jasmine) is 
the highest priced among all types of rice in international markets. In African markets, Bediako-Amoa, Diako, Saalia, 
Sakyi-Dawson, & Manful (2010) and Anang et al. (2011) have reported that most rice consumers in Accra and Tamale 
(cities of Ghana) prefer aroma. 


In the decision to purchase rice, cleanness is also important; in the study, 18.5% relative importance was observed. 
Azabagaoglu & Gaytancioglu (2009) find that in Turkey, imported US Calrose rice is more consumed than other 
varieties because of its cleanness, among other factors. Cleanness is linked to maintaining rice as a convenience 
food, especially in the city where households prefer to not spend time cleaning and sorting rice. In Dar es Salaam, rice 
retailers incur additional cost in hiring labour to clean rice to attract consumers. They subsequently earn a premium 
for cleanness equivalent to between 200 and 400 Tanzanian shillings. 


The percentage of broken rice is also important in marketing: 15% of its relative importance explains preference. 
In Ghana, non-broken or minimal broken rice grain is the second most important selection criterion for urban traders, 
following cleanness as the first criterion (Kula & Dormon, 2009). Apart from cultural preferences such as observed 
in Senegal (Demont, Ndour, Rutsaert, Seck, Tollens & Verbeke, 2013a ), in international markets, broken rice is 
considered an inferior product and sold at a much cheaper price than whole rice (Demont, Rutsaert & Verbeke, 
2013c). Therefore, high quality often means a large percentage of whole grains (non-broken rice) after milling. Kilimo 
Trust (2014) explains that in the Tanzanian market, grade 1 quality (with less than 5% broken grains) can at times 
command a 50% premium. However, very little domestic rice achieves grade 1 quality; poor processing (milling) 
machines result in a high percentage of broken rice. Hence, traders blend the broken rice with imported rice which has 
high milling quality to achieve an ‘acceptable’ quality balance and profit margin. Rice value chain actors can improve 
rice-processing machines to reduce the breakage of grains. 


Lastly, the results revealed that respondents are price sensitive. At a higher price, consumers may fail to buy the 
preferred variety. For example, consumers who prefer Mbeya and Shinyanga rice due to their strong aroma may not 
be able to afford these varieties on a regular basis due to the higher market price. Hence, these consumers may buy 
cheaper rice even when they do not like it. Azabagaoglu and Gaytancioglu (2009) reveal a similar situation in Turkey, 
in which US Calrose rice is mostly consumed because it is cheaper at the market than a domestically grown variety 
(Baldo rice). 


Although the origin was not significant in the conjoint analysis, it was found to account for 20% of the preference. 
Another geographic aspect observed was the differences between Dar es Salaam and Morogoro as the consumption 
markets. The Dar es Salaam market is significantly less likely to be in the segment influenced by origin and price and 
more likely to be associated with the segment that pursues aroma, in comparison with Morogoro market. According to 
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the National Bureau of Statistics in Tanzania, the per capita gross domestic product in Dar es Salaam is 2,000,000Tsh 
(=1200USD at the exchange rate of 01 May 2014), double the income in Morogoro. Moreover, among the population 
in Tanzania that lives below the food poverty line in urban areas (8.7%), such as Morogoro, the proportion in Dar es 
Salaam is much lower (1.0%) (NBS, 2014). 


In addition to income, in reference to Delisle (1990) and Lasarte, Rubiera & Paredes (2013), differences in 
lifestyles, economic activities, and exposure to marketing and reference groups are key factors explaining disparities. 
The lifestyle in large cities, such as Dar es Salaam, is completely different than that of relatively small towns like 
Morogoro. Business competition, better information, and market structures close to perfect competition are found in 
cities, versus the oligopolies observed in rural towns. These aspects should be considered in designing an appropriate 
marketing strategy. 


CONCLUSION 


In consumer-oriented markets, food markets are tuned to the requirements of affluent consumers who have more 
power to demand specific attributes, especially in terms of the quality, health, and safety of their food. Furthermore, 
as incomes continue to increase, consumers’ power to demand specific attributes also increases; thus, the marketing 
process in terms of supplying products which respond to diversified needs and preferences becomes more complex 
and competitive. This is also the case for rice. Understanding consumers’ preferences for rice attributes is becoming 
extremely critical to improving rice quality and its marketability by improving competitiveness and securing future rice 
markets. 


The current case of consumers’ preferences for rice quality attributes in Tanzania analysed data collected from 
300 rice consumers who purchased their rice from local markets, stores, and supermarkets. As rice is frequently 
consumed, almost on a daily basis, and purchases are made at regular intervals of weeks to months, a careful choice 
of rice is based on specific criteria to avoid negative experiences. These criteria are associated with consumers’ 
preference attributes. 


Conjoint analysis was used to measure individuals’ preference structure through the systematic variation of rice 
attributes. The study found that aroma had the most influence on preference for rice among Tanzanian consumers, 
followed by cleanness and non-breakage. These quality attributes improve the marketability of rice, while at the same 
time, keeping in mind that the price should be affordable to consumers. Hence, this study called for the improvement 
of rice varieties to incorporate attributes desired in rice markets; respondents’ greater preference for aromatic rice 
indicates sufficient market potential for the local farmers growing aromatic rice varieties. In addition, proper post- 
harvest processing is important for improving rice cleanness and reducing the rate of broken rice. 


The study also showed that, in markets, consumers identify rice based on its origin or production region as 
an extrinsic indication of quality. The challenge associated with origin in the market is the lack of traceability; rice 
originating from different production regions is often sold as Mbeya, the most preferred origin, as it mostly occurs 
with geographical indicators (Allaire et al., 2011). Moreover, in the area of production, multiple varieties are being 
grown. This practice calls for proper identification of rice in terms of variety or certified name, attributes, and nutritional 
contents to allow consumers to choose their preferred rice. Differences in socioeconomic factors, which are associated 
with rice preference attributes, indicate the absence of uniformity and provide opportunities to create market niches 
for different consumer segments. 


In this study, four segments were identified: consumers who want convenience and affordability, consumers who 
prefer aroma taking cues from origin, consumers who embrace all aspects of quality, and consumers who pursue only 
aroma. With respect to the socioeconomic characteristics, these segments have different characteristics that can be 
used as indications for market targeting and strategies. 


The results from this study provide information to rice producers and marketers as well as researchers, 
governments, and other development partners regarding consumers’ perception of the attributes of rice. The results 
highlight the significance of strategically incorporating the rice attributes that consumers desire in ongoing crop- 
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breeding programmes (e.g. aroma). Consumers assess the rice attributes when purchasing rice and make rice 
purchase choices about their willingness to pay a premium for these attributes. Therefore, sellers and rice producers 
should invest in such varieties, improve rice-processing machinery to reduce rice impurity and the breakage rate 
and, consequently, enhance rice marketability and competitiveness. It is also important to take a further step into the 
estimation of demand from the identified segments; then, the quality improvement efforts of producers and sellers on 
the supply side also match the demand in terms of quantity. 


Further investigations are required to gain more insight into actual behaviour, including the assessment of 
experience attributes, such as cooking aspects and taste, not included in this study; a sensory evaluation can also 
be performed to understand preferences. In addition, it is important to assess the demand for rice in the identified 
segments and the impact that formal standards and grades could have on market efficiency and consumers’ purchasing 
decisions. The study also calls for government and other development partners to support already operating markets 
in the rice sector through scientific naming of local rice varieties and investing in rice research, especially breeding 
objectives that incorporate the preferred attributes. Currently, rice farmers and traders face challenges in selling 
non-aromatic rice varieties, especially during the harvest season. As a result, these varieties are sold at a very low 
price. This phenomenon highlights the importance for research institutions to focus on improving the aromatic traits 
in high-yielding varieties and/or improving the yield of aromatic varieties to increase their adoption and to increase 
producers/farmers’ profits and consumers’ satisfaction. Investment in advanced rice-processing machinery should 
also be supported. 
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The clothing purchasing decision can be an emotional process. Typically, emotions are induced when consumers 
consider the various evaluative criteria as relevant for their concerns or goals they want to achieve through clothing 
(Lazarus 2001). Lerner and Keltener (2000:473) have suggested that an emotion specific approach, in particular the 
Appraisal Tendency Framework (ATF) model is more effective to understand and predict the influence of emotions 
on decision making and behaviour. Using the ATF approach, this study was therefore conducted to determine and 
describe the influence of specific integral negative emotions — disgust and sadness - on clothing purchasing decisions 
and behaviour. A group-administered questionnaire was used to collect data from 316 female consumers, solicited 
primarily in Gauteng, Johannesburg, South Africa. The Discriminant analysis results demonstrated that emotions 
of the same valence can have opposing effect and that emotions can have dramatic effects on female consumers’ 
purchasing decisions and behaviour. These results support the assumption that disgust triggers the goals to expel, 
walking away from the situation, whereas sadness triggers the goal of changing one’s circumstances, by spending 
more time shopping around. Thus, contrary to intuition that negative emotions may results in not purchasing at 
all, some emotions could actually encourage rather than discourage consumers from purchasing clothing products 
depending on the specific emotions that are elicited in the process of evaluation of clothing products. 








Keywords: emotions, Appraisal Tendency Framework (ATF), clothing, purchasing decision, consumer behaviour 





Shopping for clothing involves a complex decision making process about a range of beliefs regarding what is 
appropriate for or desirable to the consumers (Otieno, Harrow & Lea-Glenn, 2005). Much of the effort that goes into a 
purchasing decision occurs at the stage where a choice has to be made from the available alternative clothing products 
(Solomon & Rabolt, 2009). In this phase of the decision making process, consumers’ perceptions of the clothing 
item they anticipate to purchase includes evaluation of the clothing and the application of specific evaluative criteria 
in order to assess the suitability of the clothing item (Saricam, Kalaoglu, Ozdygu & Urun, 2012). In most instances, 
the preferred evaluative criteria may reflect underlying personal values, lifestyle, attitudes, personality, knowledge as 
well as experiences, of which the importance differs in the minds of the consumers (Ling, 2015:566; Paramasur & 
Roberts-Lombard, 2012). Evaluation of clothing products can lead to positive emotions if an item of clothing meets the 
expectations of a consumer, or in the case of questionable standards, negative emotions can be elicited. Both have the 
potential to influence purchasing decision and behaviour (Lazarus 2001). 


Until recently, the study of decision making was predominantly viewed as a cognitive process, that is, a matter 
of estimating which of the various alternatives would yield the most desirable and positive consequences (Solomon, 
Russell-Bennet & Previte, 2013:31). However, consumer research has shown that emotions undoubtedly play an 
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important role in consumer decision making and influence the actual behavioural outcomes. For example, tactical 
decision making (Kustubayeva et al., 2012), decision on whether to continue or discontinue the investment (Brudin 
& Gustaffson, 2013), anticipated emotions in consumers’ intention to select an eco-friendly restaurant (Kim, Njite & 
Hancer, 2013), influence on perspective taking (Todd, Forstmann, Burgmer, Brooks & Galinsky, 2015) and involvement 
effects on wine tourists’ decision making process (Lee, Brewer & Song, 2017). This shows that emotions could play a 
significant role in female consumers’ clothing purchasing decisions, and may also influence the subsequent purchasing 
behaviour. 


Most theories of emotional influences on decision predicts that emotions of the same valence, such as fear and anger 
(both negative emotions) can exert distinct influences on decision making, while emotions of the opposite valence, 
such as anger and happiness (a negative and a positive emotion) can exert similar influences. However, Lerner and 
Keltener (2000) have suggested that an emotion specific approach, in particular the Appraisal-Tendency Framework 
(ATF) model, is more effective to understand and predict the influence of emotions on decision making and behaviour. 
Based on the source of consumers’ emotional experiences and the relationship with the decision at hand, the ATF 
distinguishes between two kinds of emotions that can influence decision and behaviour which are the integral and 
incidental emotions (Renshon & Lerner, 2012). Integral emotions are those that are clearly related to the decision at 
hand (Renshon & Lerner, 2012), whether they are predictions of future emotions or emotions triggered in the heat of the 
moment, while incidental emotions are the emotional experiences that arise from factors unrelated to the decision at 
hand (Loewenstein & Lerner, 2003). One of the distinctions that characterise most consumer purchase situations is that 
the emotions experienced are often triggered by shopping tasks or products themselves, rather than unrelated situations 
(Diehl et al., 2010). Moreover, the integral emotional reactions are used as a proxy for value and facilitate evaluation 
of the various clothing options (Yip, 2011), meaning, the integral emotions may produce adaptive decisions relevant to 
the situation when female consumers think about the parameters of decision or its implication with the expectations they 
hope to achieve through clothing. Additionally, the integral emotions are experienced when marketers embed emotions 
in the marketing stimuli or clothing products with the intention of influencing a particular decision (Achar, So, Agrawal 
& Duhachek, 2016). The study examined the effects of specific integral emotions on decision making and behaviour. 


According to Goko (2017), results from clothing retailers have clearly indicated that South African household 
consumption is slowing down, meaning consumers are deciding not to purchase clothing products. Emotions are widely 
recognised as a critical part of the decision making process. As such, any transaction including the buying of clothing 
products which rely on the decision making of the consumers must be understood in terms of how and when emotions 
impact, particularly on the clothing purchasing decision. In South Africa, there is a small stream of research that explores 
how integral emotions influence consumer decision making and behaviour. Furthermore, to date, no research conducted 
in South Africa has applied the ATF approach to link the influences of integral specific negative emotions to the female 
consumers’ clothing purchasing behaviour. The purpose of this study was therefore to investigate the influence of integral 
negative emotions in female consumers’ clothing purchasing decisions and behaviour. This can be explored by firstly 
determining the specific negative emotions elicited during the evaluation of an ill-fitting blouse and secondly, by identifying 
and describing the behaviour that drives the specific negative emotional responses. A study that provides a thorough 
investigation of the role of specific integral emotions in the clothing purchasing decision is greatly needed, so as to improve 
insight into consumer decision making and behaviour. The study aims to provide some valuable insights into the role that 
specific integral emotions can play during female consumers’ clothing purchasing decisions and the subsequent behaviour. 


LITERATURE OVERVIEW 


According to So et al. (2015), the range of the effects of emotions on decision making is diverse. Some can be 
predicted by the valence approach of which the implicit assumption is that the behaviours that follow positive or negative 
emotional responses are supposed to be driven by the overall positivity or negativity of the evaluation process outcome. 
However, the focus of mere valence has the disadvantage of ignoring all specific elements that are present in the different 
emotions which are not easily expressed by valence alone (Zeelenberg & Pieters, 2004). In order to fully understand 
how female consumers respond when specific emotional states have been elicited while evaluating clothing products 
among the alternatives in clothing retail, research began to examine the influence of distinct dimensions associated 
with a particular emotion on decision making. In this approach, the impact of emotions on consumer behaviour extends 
beyond the distinctions between positive and negative emotions (Wanglee, 2013). 
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The Appraisal Tendency Framework (ATF) 


Lerner and Keltner (2000; 2001) as well as Lerner and Tiedens (2006) generated a more refined nuanced emotion- 
specific approach on consumer decision making, known as the Appraisal Tendency Framework (ATF). The general 
approach of the ATF predicts that emotions of the same valence (such as sad and disgust), which are both negative 
emotions, can exert distinct influences on decision making. The ATF also predicts that emotions of the opposite valence 
(such as anger and happiness), which are negative and a positive emotion, can exert similar influences. Thus from 
the view of appraisal theories, it can be argued that different negative or positive emotional states are associated with 
different antecedent appraisals (Smith & Ellsworth, 1985), hence, may influence clothing purchasing decision making in 
different ways. This is because distinct emotions activate different goals which influence subsequent decision making 
and behaviour (Raghunath & Pham, 1999). A focus on emotion specific rather than the valence approach may offer 
an understanding to the clothing retailers on how to predict consumers’ behaviour with regard to the specific emotions 
elicited during the evaluation of clothing products in the purchasing decision process. Using the ATF this study argues 
that emotions of the same valence can have opposite influences on female consumers’ clothing purchasing decision. 
The ATF has given some evidence that has clearly shown that specific emotions, especially the negative specific 
emotion, may affect female consumers’ purchasing decisions and behaviour in a different way. A thorough investigation 
of the impact of the elicited specific emotions during evaluation of the alternatives during clothing purchasing decision 
is greatly necessary. This may help and guide the clothing manufacturers and retailers on how to design and produce 
clothing products that are most relevant for the needs and preferences of South African female consumers. 


Appraisal Tendencies 


The ATF is based on the idea that specific emotions give rise to specific cognitive and motivational properties (Han 
et al., 2007; Lerner & Tiedens, 2006), hence, systematically linking the appraisal processes associated with specific 
emotions to different decisions and behaviour when female consumers are shopping for clothing. Specifically, Lerner 
et al. (2014) mention that once an emotion has been activated, it can trigger a cognitive predisposition to assess future 
events in line with the central appraisal dimensions or theme that characterise the emotion. The ATF summarises these 
processes as “appraisal tendencies”. In particular, appraisal tendencies are goal-directed processes through which 
emotions exert influences on decision and behaviour until the emotion eliciting situation is resolved (Lerner & Keltner, 
2000; Lerner & Tiedens, 2006). Based on the appraisal tendency approach, Diehl et al. (2010) examined carry- 
over effects of task-related emotions on consumer search and shopping behaviour. The study experimentally induced 
participants to feel disgust and sad. Consistent with the ATF, the authors found that the emotion disgust, characterised 
by avoidance behaviour, reduces search, while the emotion sadness, characterised by approach tendencies, increases 
search. Although tailored to help consumers respond to the elicited emotion, appraisal tendencies persist beyond the 
eliciting situation and affect content and depth of consumers’ thought (Lerner, Han & Keltner, 2007). These propositions 
make up the ATF illustrated in Figure 1. 


FIGURE 1 
THE MAIN CONSTRUCTS OF THE APPRAISAL TENDENCY FRAMEWORK (HAN ET AL., 2007) 
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The ATF (figure 1), depicts that the experience of a particular emotion (whether disgust, happiness, fear) will 
subsequently lead to appraisal tendencies which are formed on the basis of specific appraisal dimensions and 
appraisal themes. In turn, these alter the content of thought (what exactly decision makers think about) and depth of 
thought (how deeply or shallowly they consider information) which influences the individual’s decision. 


Extending the ATF to the clothing purchasing decision 


Shopping for clothing is particularly unpleasant to most female consumers as it is difficult to find clothing that fit 
well (Horwaton & Lee 2010; Otieno et al., 2005). A South African study conducted by Kasambala (2013), found that 
mainly negative emotions were expressed by female consumers when they shop for clothing considering their body 
shapes, garment sizing and the communication from garment size labels. The core premise of this study is that the 
specific negative integral emotions felt by female consumers while assessing various evaluative criteria (elicitation 
of an emotional state) indicate a particular problem to the attainment of a clothing goal. These specific felt negative 
emotions can be associated with guiding female consumers’ decisions and behaviour differently (Frijda, 1988, Keltner 
& Gross, 1999). Additionally, in order to further evidence, Lerner and Keltener (2000) are of the opinion that the ATF 
points to a clear strategy that researchers should compare emotions that are highly differentiated in their appraisal 
theme on decision and behaviour. In this strategy is the idea that emotions of the same valence should influence 
decision making and behaviour in an opposite way, which is a proposition that contradicts the valence accounts. The 
current study examined the behavioural outcome of the negative integral emotions (disgust and sadness). Specifically, 
the study argued that disgust and sadness, both being negative emotions, may influence female consumers’ decision 
making outcome differently. 


The effect of sadness in the clothing purchasing decision and behaviour 


Sadness is one of the extremely unpleasant emotions (Diehl et al., 2010) and it elicits a sense of, or is associated 
with a core theme of loss and helplessness (Lazarus, 1991; Frijda, 2005). Consistent with this sadness is also known 
to be high on situational as opposed to individual control (the extent to which a person believes that human agent is 
in control of the situation) (Lerner & Keltner, 2000; Smith & Ellsworth, 1985). According to Rnhagunathan and Pham 
(1999), this sense of loss can be experienced in response to the loss or absence of a cherished object or person (e.g. 
death of a loved one, loss of favourite jeans, breakup of a relationship), as well as an encounter with a debilitating 
situation which may include a clothing fit problem. A central adaptive function of sadness is that female consumers 
may be motivated to prevent further loss as well as regulate the sad emotions by rewarding themselves (Rhagunathan 
& Pham, 1999; Salerno, Laran & Janiszewski, 2014; Lerner et al., 2004). Until the reward is received, the sad feeling 
may make the female consumer to be impatient (Keltner & Lerner 2011 cited in Lerner, Li & Weber, 2013). 


To add, in the case of myopic-misery hypothesis, according to which sadness should increase impatience in 
consumers seeking reward replacement, Lerner et al. (2013), for example, found that sadness made individuals 
willing to forgo future gains in return for instant gratification (wanting something immediately). Moreover, sadness 
is intimately connected to the “self”. In an effort to improve their sense of self, it has been found that individuals are 
willing to pay more for items that may make them feel better (Cryder, Lerner, Gross, & Dahl, 2008). 


The effect of disgust in the clothing purchasing decision and behaviour 


In contrast to sadness, disgust is often triggered by being physically close to an offensive object, person or idea, 
which leads to immediately “shut up and get away” reaction (Lazarus, 1991). Specifically, disgusting has been 
assumed to play a role in indicating that a substance should be avoided or expelled (Han, Lerner & Zackhauser, 2012) 
not only with respect to the actual source of disgust, but also to any tangible related objects, people or situation (Diehl 
et al., 2010). Moreover, disgust is also characterised by an extreme unwillingness to attend to a situation (Diehl et 
al., 2010). In this sense, disgust which is considered to be an “avoid” emotion which motivates an individual to stay 
away from the disgusting situation or object, is different from a sadness emotion which encourages one to act. This 
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is evident through research conducted by Lerner et al. (2004) who have suggested that disgusted individuals report 
lower willingness to pay values for other products. Additionally, Han et al. (2012) believed that disgust powerfully 
increased the frequency with which decision makers traded away an item they owned for a new item. Furthermore, 
disgust is characterised by appraisals of high certainty and that the situation is under individual control (Lazarus, 
1991), suggesting that when an item of clothing product causes female consumers to feel disgusted, they feel certain 
that they know how to deal with the problem and have the ability to do so (Diehl et al., 2010). 


Therefore, in this study, female consumers who experience sadness while evaluating the alternatives, may desire 
to change the circumstance by engaging in greater search, thereby spending more time shopping. Since sadness 
triggers an immediate need to improve the situation (Lerner et al., 2013), female consumers experiencing sadness 
may be particularly be motivated to expose themselves to clothing products in general in the hope of finding an item 
that may alter their sad feeling. Furthermore, while engaging in greater search for, and evaluating other clothing 
items, female consumers may be exposed to a wider range of clothing and may likely purchase more products with 
an increased self-focus and therefore enhance the feelings of self. 


On the contrary, reward replacement may not apply to a disgusted female consumer, if anything, the disgusting 
situation should diminish impatience because it triggers responses of expelling and avoiding rather than 
acquiring (Keltner & Lerner, 2011 cited in Lerner et al. 2013). Therefore, rather than predicting that the same 
valence emotions are always beneficial or harmful, the ATF may pinpoint how specific negative emotions (sad and 
disgust) may affect female consumers’ behaviour differently when evaluating the clothing product alternatives. 


METHODOLOGY 


Sampling and data collection 


A non-probability purposive, snowball and convenient sampling strategy was used to recruit female respondents 
between 18 and 66 years of age, primarily residing in the province of Gauteng, and specifically in the Johannesburg 
Metropolitan area. The city of Johannesburg was chosen because it is a fast-paced metropolis often referred to as 
the economic hub of South Africa (Fourie 2016). With more shopping malls opening, expanding or upgrading, the city 
attracts international fashion houses such as Forever 21, River Island, Mango and Tommy Hilfiger, alongside flagship 
stores for the Foschini group, Edcon, Mr Price and Truworths (Donnely, 2015), and was considered a very viable 
market with regard to the purchasing of clothes. Female consumers were chosen for this study, as the media typically 
portrays women as clothes-obsessed shoppers (Koca & Koc, 2016) who would be able to provide valuable insight into 
clothing purchasing behaviour. The respondents were recruited as part of a convenient sampling strategy that made 
use of readily available respondents (Henn et al., 2009) who satisfied specific inclusion criteria. Respondents were 
included in this study if they bought their own ready-to-wear clothing, which implied that they were able to make their 
own clothing purchasing decisions; this resulted in a purposively selected sample of respondents (Babbie & Mouton, 
2007). These respondents were recruited at gatherings of women such as baby showers, breakfast prayer meetings 
at a church, stokvel meetings - a traditional community-based savings scheme (Ndwandwe, 2016) as well as arranged 
meetings at homes. In addition, snowball sampling was used to recruit further respondents. Snowball sampling 
entails asking initial contacts for further contacts and is based on the key assumption that members of the target 
population know one another (Vogt et al., 2012), which makes it possible to grow the sample (Laher & Botha, 2012). 


Data gathering 


A consumer survey using group-administered questionnaires was used to collect data. The respondents were 
asked to complete the survey questionnaire individually in the presence of the researcher; this strategy allows 
the researcher to clarify certain matters for an individual or group, after which each member completes their own 
questionnaire (Delport, 2007). Although demographic differences were not the focus of the current study, in section 
A, respondents were asked to provide demographic information. The majority of respondents who took part in this 
study were between the ages of 26 and 45 (62.7 per cent), with smaller numbers of participants in the age groups 
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36 to 45 years of age (28.5 percent), 18 to 25 years of age (14.9 percent) and 56 to 65 years of age (7.3 percent). 
Black ethnicity was reported by 83.2 percent of the respondents, with the remaining 16.5 percent representing three 
other ethnic groups (Asian, White and Coloured). The majority of the respondents had obtained matric (35.4 percent), 
with a smaller number of respondents having obtained an undergraduate or postgraduate university degree (28.8 
percent), and 24.4 percent having obtained a diploma. The majority of the respondents in this study occupied office 
positions (22 percent), with a large number of respondents being self-employed (16.8 per cent). Students made up 
13 percent of the respondents and housewives constituted 13.6 percent, while slightly less than 10 percent of the 
sample were in the education sector (employed as lecturers or teachers), followed closely by those in managerial 
positions (7.3 percent) and medical/health occupations (7.3 percent). Section B comprised of the emotions measure 
instrument which included the elicitation of emotions and the behavioural response section. A total of 316 women 
took part in the study. Ethics approval for the research was granted by the College Ethics Committee of the College 
of Agricultural and Environmental Sciences at Unisa (Ref # 2014/CAES/175). 


Data for emotions measure were gathered in two consecutive parts. 


Part 1: Procedure and emotion induction 


In part 1, respondents were asked to view an illustration of an ill-fitting blouse which was meant to induce either 
“disgust” or “sadness”. This study offered the support for the assumption that the chosen illustration would be 
more likely to arouse the desired emotions (Lerner et al., 2004). Six items were included in the table, whereby a 
disgust factor was measured through disgusting, revolting and shocking, and sad factor included sad, depressed and 
miserable. This was to avoid revealing the researcher’s interest in specific negative emotions. 


Emotion manipulation check 


Respondents were requested to rate each emotion on a five-point scale with end points (where 1 = not at all and 
5 = very much). The number of mentions that fell either in the selection of “not at all” and very little” were combined 
and reported as one group (group one) and the options “much” and “very much” were also grouped into one category 
(group two). These two groups represented the two poles of the strength of the measurement. 


Analysis and results of elicitation of integral negative emotions 


The proportions of the selections between the two groups were tested using the z-test. Subsequently, a p-value 
less than or equal to the significance level is considered statistically significant. P-values less than 0.05 indicate 
significant difference on a 95% level of confidence and p-values less than 0.01 indicate difference on a 99% level 
of confidence. The emotion manipulation check was successful. The results indicated that the majority (61%) of 
respondents (group two) felt negative emotions — disgust and sadness with illustration A. 


Part 2: Behavioural response 


After rating the emotions, respondents were further asked to reflect upon the strongest specific emotion they 
identified previously in the exercise. They rated the emotions on a five-point scale and then answered a series of 
questions that measured the behavioural response. Using the seven number scales, respondents indicated the 
extent to which they strongly agree or strongly disagree with the statement. The statements were designed to assess 
the influence of specific emotions on female consumers’ clothing purchasing decisions and behaviour. 


Analysis of behavioural response 
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The statistical software program SPSS version 23 (IBM) was used for data analysis procedures. Discriminant 
analysis was performed to determine firstly if there were any differences between these two categories and purchasing 
behaviour and secondly, if there was a significant difference and which attributes were the key drivers that separated 
the two emotional categories. Discriminant analysis allows the researcher to study the differences between two or 
more groups of objects with respect to several variables simultaneously (Klecka, 1980). In other words, discriminant 
analysis is concerned with the relationships between a categorical variable and a set of interrelated variables 
(McLachlan, 2004). The purpose of discriminant analysis is to obtain a model to predict a single qualitative variable 
from one or more independent variables (IBM knowledge centre, 2016). In most cases the dependent variable consists 
of two groups or classifications. In this study, for example, the two groups were disgust versus sadness for negative 
emotions. When testing equality of the group means, it was evident that there was a significant difference between 
the two groups in all of the shopping behaviour questions (p<0.0001). In discriminant analysis, the Wilk’s Lambda is 
used to test the significance of the discriminant functions and is one of the multivariate statistics calculated by SPSS 
(Discriminant analysis Lesson 2 pdf, 2016). The function obtained was significant for Wilk’s Lambda (p<0.001) and 
the classification results showed an accuracy of classifying 79.6% of the cases into the correct category. A canonical 
correlation of 0.654 was obtained for the function used to discriminate between the groups. Furthermore, it is possible 
to identify which behaviour is more discriminating than other behaviours. The higher the discriminating powers, the 
higher the standardised discriminant coefficient. The standardised canonical discriminant function coefficient is used 
to calculate the discriminant score. The standardised coefficients are obtained by dividing the raw coefficients by the 
standard deviations of the variables. 


RESULTS AND DISCUSSION OF THE BEHAVIOURAL RESPONSE 


TABLE 1 
BEHAVIOUR THAT DRIVES THE EMOTIONAL RESPONSES 





Behaviour that drives the emotional response Disgust* _| walk away (0.441) 

| don’t look at other items of clothing (0.152) 

| avoid purchasing any other item of clothing (0.111) 
Behaviour that drives the emotional response Sadness* | spend more time shopping around (-0.333) 





| purchase more items of clothing (-0.211) 
| have to purchase an item of clothing (-0.045) 





The attributes in the above table are ranked in order of importance* 


The attributes in the above table are ranked in order of importance* 


Based on the coefficient above, the best behaviour that drives the emotion “disgust” is “Il walk away” (0.441). 
On the other hand, the best behaviour that drives the emotion “sadness” is “I spend more time shopping around” 
(-0.333). The results exemplify how female consumers’ decision making and behavioural responses are meaningfully 
shaped by specific emotions. Canonical correlation statistics of primary drivers of emotions “disgust” and “sad” are 
summarised and shown in figure 2 and figure 3. 


Primary behaviour that drives emotion disgust (“walk away’) 


It is evident from figure 2 that the majority (84.1%) of respondents who felt disgusted with illustration A, agreed that 
they would “walk away” compared to only 22.1% sad respondents. 


Drawing on the ATF, disgust is associated with an emotional state of revulsion. More specifically, disgust is 
characterised by an extreme unwillingness to attend to a situation, in other words a rejection appraisal (Diehl et al., 
2010). This is because disgust revolves around the theme of being physically close to an offensive object, person or 
idea (Lazarus, 1991:826). Thus, when the emotion disgust is evoked, it may usually lead to an immediate “walk away” 
behavioural response. Therefore, the finding of the current study strongly suggests that when female consumers are 


disgusted while evaluating clothing products, the most likely behavioural response would be to leave the clothing 
retailer and not to purchase anything at all. 
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Primary behaviour that drives emotion sad (“spend more time shopping around”) 


Figure 3 clearly reveals that the majority (68.1%) of respondents who felt sadness with illustration A, agree that 
they would spend more time shopping compared to 66% of disgusted respondents. Although the frequency count 
ratings do not appear to show intense difference between the two emotions, however, as previously explained, when 
testing equality of the group means, it was evident that there was a significant difference between the two groups in all 
of the shopping behaviour questions (p<0.0001). The function obtained was significant for Wilk’s Lambda (p<0.001) 
and the classification results showed an accuracy of classifying 79.6% of the cases into the correct category. 


In contrast to disgust, sadness is associated with a theme of loss and helplessness (Lazarus, 1991; Frijda, 2005), 
thus, it is expected to trigger an implicit approach behaviour towards products such as clothing (Diehl et al., 2010) 
and action tendency to change the circumstance by seeking rewards (Raghunathan & Pham, 1999). The fact that 
when saddened, an individual may seek to uplift the sad feeling by rewarding themselves makes it understandable 
that when saddened while evaluating clothing products, female consumers were willing to spend more time, probably 
engaging in a greater search. By doing so, they may be exposed to a wider range of clothing products and acquire a 
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clothing item that may improve their sadness feelings. 


CONCLUSION 


The current results suggest that emotions can have dramatic effects on female consumers’ clothing purchasing 
decisions and behaviour. Moreover, the ATF proved to be fruitful in understanding the effect of specific emotions 
on purchasing decisions and behaviour, especially when female consumers feel negative emotions. Through the 
use of the ATF, it was possible to link specific negative emotional responses to different behaviours that female 
consumers may demonstrate in a clothing retail environment when purchasing clothing. Particularly, the ATF has 
provided an understanding of the influences of specific emotions on female consumers’ clothing purchasing decisions 
and behaviour, regardless of their valence, when female consumers evaluate various clothing attributes among the 
alternatives. Overall, the pattern of results supports the assumption that disgust triggers the goals to expel, walking 
away from the situation, whereas sadness triggers the goal of changing one’s circumstances, by spending more time 
shopping around. 


Beyond advancing theories of emotion and decision making, these results have practical implications. The 
findings suggest that contrary to intuition that negative emotions may result in not purchasing at all, some emotions 
could actually encourage rather than discourage consumers to purchase clothing products depending on the specific 
emotions that are elicited in the process of evaluation of clothing products. Through these findings, clothing retailers 
may learn that it is most likely that a sad consumer may purchase something although it may not be necessarily the 
item of clothing that may have caused them the sad feeling. On the other hand, a disgusted consumer is most likely 
to go away without purchasing any item of clothing. In brief, the present findings highlight both powerful effects that 
emotions can play in everyday clothing purchasing decisions and the need for research on the mechanism driving 
the behaviour. 


FURTHER STUDIES 


The influence of emotions on consumers’ clothing purchasing decisions is a very broad topic and has tremendous 
potential for future studies in this area in South Africa. A meaningful future direction is to explore the role that 
incidental emotions play in consumer decision making and to include male participants. 


REFERENCE 


Achar, C., So, J., Agrawal, N. & Duhachek, A. 2016. What we feel and why we by: the infience of emotions on consumer 
decision-making. Current Opinion in Psychology, 10: 166-170. 


Akturan, U. & Tezcan, N. 2007. Profing young adults: Decision-making styles of college students for apparel products. Paper 
presented at the conference 6¢me Journées Normandes de Recherche sur la Consommation: Société et consommations, 


Groupe ESC Rouen. 


Bagozzi, R.P., Gopinath, M. & Nyer, P.U. 1999. The role of emotions in marketing. Journal of the Academy of Marketing Science, 
27(2): 184-206. 


Brudin, E. & Gustafsson, V. 2013. Entrepreneurs’ decision making under different levels of uncertainty: the role of emotions. 
International Journal of Entrepeneurial Behavior and Research, 19(6): 568-591. 


Cavanaugh L.A., Bettman, J.R., Luce, M.F & Payne, J.W. 2007. Appraising the Appraisal-Tendency Framework. Journal of 
Consumer Psychology, 17: 169-73. 


Cryder, C.E., Lerner, JS. J.J. Gross, J.J. & Dahl, R-E. 2008. Misery is not miserly: sad and self-focused individuals spend 
more. Psychological Science, 19(6): 525-530. 


Desmet, P.M.A., Overbeeke, C.J. & Tax, SJ.E.T. 2001. Desienine roducts with added emotional value: development and 
application of an approach for research through design. The Design Journal, 4(1): 32-47. 


Diehl, K., Morales, A.C. Fitzsimons, G.J. & Simester, D. 2010. Carry-over affects of task-related affect on consumer search and 


shopping behaviour. Marshall School of Business, University of Southern California. 


Discriminant Analysis Lesson 2.pdf. 2016. Multivariate data using spss. Available from: https://www.researchgate.net/ 


file.PostFileLoader.html?id...assetKey... [Accessed 2016-07-20). 


The role of integral emotions in female consumers’ clothing purchase decision 25 


Donnely, L. 2015. Retailers rush in as international brands arrive. Available from: 
https://mg.co.za/article/2015-07- 16-retailers-rush-in-as-international-brands-arrive [Accessed 2017-09-20] 


Erasmus, A.C. 2013. Consumer decision models. In Mpinganjira, M. & Dos Santos M.A.O. (Eds). Consumer behaviour: South 
African psychology and marketing applications, Chap 13. Cape Town: Oxford University Press. 


Fourie, C. 2016. Why is Joburg SA’s economic hub? Available from: https://northcliffmelvilletimes.co.za/244148/why-is- 
joburg-sas-economic-hub/ . [Accessed on 2017-10-12]. 


Forney, J.C., Park, EJ. & Brandon, L. 2005. Effects of evaluative criteria on fashion brand extension. Journal of Fashion Marketing 
and Management, 9(2): 156-165. 


Frijda, N.H. 1986. The emotions. Cambridge, England: Cambridge University Press. 
Frijda, N.H. 1988. The laws of emotion. American Psychologist Association, 43(5): 349-358. 
Frijda, N.H. 2005. Emotion experience. Cognition and Emotion, 19(4): 473-497. 


Goko, C. 2017. Clothing retailers are the sharp end of SA’s a ee and economic turmoil. Business day. Available from: 
W.businesslive.co.za/bd/companies/retil-and-consumer/20 17-060 12-economy-tears-fabric-of-sales-at-apparel- _retailers/ 


[Accessed on 2017-09-20] 


Han, S., Lerner, J.S. & Keltner, D. 2007. Feelings and consumer decision making: the appraisal-tendency framework. Journal of 
Consumer Psychology, 17(3): 158-168. 


Han, S., Lerner, J.S. & Zeckhauser, R. 2012. The disgust-promotes-disposal effect. Journal of Risk and Uncertainty, 44: 101-13. 
Hess, U. & Thibault, P. 2009. Darwin and emotion expression. American Psychological Association, 64(2): 120-128. 


Howarton, R. & Lee, B. 2010. Market analysis of f preferences of female boomers. Journal of Fashion Marketing and 
Management, 14(2): 219-229. 


IBM Knowledge Center. 2016. Discriminant analysis, version 21. Available from: https://www.ibm.com/support/ 
knowledgecenter/SSLVMB_21.0.0/com.ibm.spss.statistics.help/idh_disc.htm. [2016-07- 20]. 


Kasambala, J. 2013. An exploration of female consumers’ perceptions of garment f£ and the effect of personal values on emotions. 
Masters dissertation. Johannesburg: University of South Africa. 


Keltner, D.T. & Lerner, JS. 2010. Emotion. In Gilbert., JS. Fiske, S.T. & Lindzey, G. (Eds). The handbook of social 
psychology. New York: Wiley. 


Kim, YJ., Njite, D. & Hancer, M. 2013. Anticipated emotion in consumers’ intention to select eco-friendly restaurants: 
augmenting the theory of planned behaviour, International Journal of Hospitality Management, 34: 255-262. 


Kleinginna, PR. & Kleinginna A.M. 1981. A categorized list of emotion defiitions, with suggestions for a consensual defition. 
Motivation and Emotion, 5(4): 345-379. 


Klecka, W.R. 1980. Discriminant analysis - University Paper Series on Quantitative Applications in the Social Sciences, 19: 
07-019, Beverly Hills, California. Sage Publications. 


Koca, E. & Koc, F 2016. A study of clothing purchasing behaviour by gender with respect to fashion and brand awareness. European 
Scientié Journal, 12(7): 234-248. 


Kustubayeva, A., Matthews, G. & Panganiban, A.P. 2012. Emotion and information search in tactical decision-making: moderator 
effect of feedback. Motivation and motion, 36(4): 529-543. 


Lazarus, R.S. 1991. Emotion and adaptation. New York: Oxford University Press. 


Lazarus, R.S. 1984. On the primary of cognition. American Psychologist, 39(2): 124-129. 


Lazarus, R.S. 2001. Relational meaning and discrete emotions. In Scherer, K.R., Schorr, A. & Johnstone, T. (Eds). Appraisal 


processes in emotion: theory, methods, research, chap. 3. New York: Oxford University Press. 


Lee, S., Bruwer, J. & Song, H. 2017. Experimental and involvement effects on the Korean wine tourist’s decision-making process. 
Current Issues in Tourism, 20(12): 1215-1231. 


Leone, L., Perugini, M. & Bagozzi, R.P. 2005. Emotions and decision making: regulatory focus moderates the influence of 


anticipated emotions on action evaluations. Cognition and Emotion, 19(8): 1175-1198. 


Lerner, J.S. & Keltner, D. 2000. Beyond valence: toward a model of emotion-specific influences on judgment and choice. 
Cognition and Emotion, 14(4): 473-493. 


Lerner, J.S. & Keltner, D. 2001. Fear, anger, and risk. Journal of Personality and Social Psychology, 81: 146-59. 


Lerner, J.S., Han, S. & Keltener, D. 2007. Feelings and consumer decision making: extending the appraisal-tendency framework. 


Invited reply for: Journal of Consumer Psychology. 


26 ~The Retail and Marketing Review: Vol 14 Issue 2 (2018) ISSN: 1817-4428 


Lerner, J.S., LI., Y., Valdesolo, P. & Kassam, K. 2014. Emotions and decision making, Annual Review of Psychology, 
66:799-823. 


Lerner, J.S., Li., Y. & Weber, E.U. 2013. The fhancial costs of sadness. Psychological Science, 24: 72-79. 


Lerner, J.S., Small, D.A. & Loewenstein, G. 2004. Heart strings and purse strings: carryover effects of emotions on economic 
decisions. American Psychology Society, 15(5): 337-341. 


Lerner, J.S. & Tiedens, L.Z. 2006. Portrait of the angry decision maker: how appraisal tendencies shape anger’s infience on cognition. 
Journal of Behavioral Decision Making, 19: 115-137. 


Ling, P. 2015. Decision making and consumption experiences. In Ling, P. D’ Alessandro, S. & Winzer, H. (Eds). Consumer behaviour 
in action. Chap. 10. South Melborne: Oxford University Press. 


Loewenstein, G. & Lerner, J.S. 2003. The role of affect in decision making. In. davidson, R. Scherer, K. & Goldsmith, H. (Eds.), 
Handbook of effective science, chap 31. New York: Oxford University Press. 


Mclachlan, G. J. 2004. Discriminant analysis and statistical pattern recognition. New York: Wiley. 
Ndwandwe, V. 2016. Stokvels: a uniquely African saving solution. [online] Available from 


www.moneymarketing.co.za/stokvels-a-uniquely-african-savings-solution/ [Accessed 2017-10-11]. 


Otieno, R., Harrow, C. & Lea-Greenwood, G. 2005. The unhappy shopper, a retail experience: exploring fashion, f and 
affordability. International Journal of Retail and Distribution Management, 33(4): 298-309. 


Paramasur, S.B. & Roberts-Lombard, M. (2012). Consumer behaviour. Second edition. Cape Town: Juta and Company Ltd. 


Raghunath, R. & Pham, M.T. 1999. All negative moods are not equal: motivational infiences of anxiety and sadness on decision 
making. Organizational Behaviour and Human Decision Processes, 79(1): 56-77. 


Renshon, J. & Lerner, J.S. 2012. Decision-making, the role of emotions in foreign policy. The Encyclopaedia of Peace 
Psychology, First Edition. Edited by Christie, D.J: Blackwell Publishing Ltd. 


Rickard, N.S. 2004. Intense emotional responses to music: a test of the physiological arousal hypothesis. Society for Education, 
Music and Psychology Research, 32(4): 371-388. 


Roseman, IJ. & Smith, C.A. 2001. Overview, assumptions, varieties, controversies. In Scherer, K.R., Schorr, A. & Johnstone, T. (Eds). 
Appraisal processes in emotion: theory, methods, research, chap. 1. New York: Oxford University Press. 


Russell, J.A. 2012). Introduction to special section: on dehing emotion. Emotion Review, 4(4): 337. 


Salerno, A., Laran, J. & Janiszewski, C. 2014. Hedonic eating goals and emotion: when sadness decreases the desire to indulge. 
Journal of Consumer Research. 41(1): 135-151. 


Saricam, C., Kalaoglu, F., Ozduygu, Y.S. & Orun, S. 2012. Apparel product evaluation and quality perception of Turkish 


consumers. International Conference: Textile & Fashion. July 3-4, Bangkok, Thailand. 
Schiffman, L.G. & Wisenblit, J.L. 2015)Consumer Behavior. Eleventh Edition. Boston: Pearson. 


Schlosser, T., Dunning, D. & Fetchenhauer, D. 2011. What a feeling: the role of immediate and anticipated emotions in risky 


decisions. Journal of Behavioral Decision Making, 26: 13-30. 


Scherer, K.R. 2001. Appraisal considered as a process of multilevel sequential checking: In Scherer, K.R., Schorr, A. & 


Johnstone, T. (Eds). Appraisal processes in emotion: theory, methods, research, chap. 5. New York: Oxford University Press. 
Scherer, K. R. 2005b. What are emotions? and how can they be measured? Social Science Information, 44(4): 695-729. 


Smith, C.A., Ellsworth, P.C. 1985. Patterns of cognitive appraisal in emotion. Journal of Personality and Social Psychology, 48: 
813-838. 


So, J., Acher, C., Han, D., Agrawal, N., Duhachek, A & Maheswaran, D. 2015. The psychology of appraisal: Specific emotions 
and decision-making. Journal of Consumer Psychology, 25(3): 359-371. 


Strongman, K.T. 2003. The psychology of emotion. Second Edition. England: John Wiley and sons Ltd. 


Todd, A.R., Forstmann, M., Brooks, A.W. & Galinsky, A.D. 2015. Anxious and egocentric: how specific emotions influence 
perspective taking. Journal of Experimental Psychology: General, 44(2): 374-391. 


Wanglee, S. 2013. The varying influences of positive emotions on consumption motivation. Contemporary Management 
Research, 9(2): 211-228. 


Watson, L. & Spence, M.T. 2007. Causes and consequences of emotions on consumer behavior, a review and integrative 


cognitive appraisal theory. European Journal of Marketing, 41(5/6): 487-511. 


The role of integral emotions in female consumers’ clothing purchase decision 27 


Yip, J.A. 2011. Understanding the source of emotions: anxiety, emotion understanding ability, and risk taking. Doctoral thesis. 
Toronto: University of Toronto. 


Zeelenberg, M., Nelissen, R.M.A., Breugelmans, S.M. & Pieters, R. 2008. On emotion specifity in decision making: why 
feeling is for doing. Judgment and Decision Making, 3(1): 18-27. 


Consumer perceptions of shopping channel 
attributes and risk factors of apparel purchases 


Ms N Cunningham Prof CF De Meyer-Heydenrych 
Department of Marketing Management Department of Marketing Management 
University of Johannesburg University of Johannesburg 
Auckland Park, South Africa Auckland Park, South Africa 
cfdemeyer @uj.ac.za 


ncunningham @uj.ac.za 


©@ intips:Horcid.org/0000-0002-1889-9742 @ ixeps:orcia.org/ 0000-0002-0859-0610 


ABSTRACT 
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Retailers operating in a globally-competitive industry need to pay careful attention to customer perceptions of a 
particular shopping channel, either online or offline. Given this shift, retail marketers globally should develop apt 
strategies for enhancing customer satisfaction and gaining a competitive advantage. The purpose of this study was 
to discover the perceptions of consumers towards shopping channel attributes and to determine how these affect 
purchase intentions towards apparel through two retail channels, offline and online. This research is of importance 
due to many South African and international apparel retailers moving to the online retail channel, aiming to target 
a wider market and make their products available to various geographical areas. International apparel retailers can 
expand their target market by attracting South African consumers, but as South African consumers are known to 
behave differently to their European or American counterparts, international apparel retailers need to expand the 
findings of this research. This research considers why consumers would look for information on apparel online, 
and then not buy, as well as which factors would cause them to consider purchasing online. 397 questionnaires 
were collected and deemed to be usable for statistical analysis. Shopping channel attributes and risk factors were 
assessed through means of confirmatory factor analysis and multiple regression analysis. The results indicate that 
convenience and delivery risk were the most significant influencers towards online purchase intention. Further, online 
retailers should ensure that a shopping channel offers the highest levels of convenience, and use mobile-friendly 
websites to enable easier access to information. The results also reveal that customer service and delivery risk were 
the most significant influencers of offline purchase intention. It is thus vital for offline retailers to offer high levels of 
customer service through employee training, incentives, the resolution of customer conflicts and customer service 
sections in stores to enhance customer experience and satisfaction. 


Keywords: Purchase intention; shopping channel; customer perceptions; online shopping; risk factors 
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INTRODUCTION 


Consumers see shopping as a means of expression, acquiring products and relaxing in a social setting (McCarville, 
Shaw & Ritchie, 2013:167; Pooler, 2003:7). A successful shopping experience can satisfy consumers’ needs, wants 
and desires, which in turn contributes towards their sense of accomplishment and self-expression. The key to 
successful shopping is the selection of an appropriate channel that is suited to their needs and expectations (Pooler, 
2003:6). Traditionally, South African consumers have been exposed to the offline shopping channels (i.e. brick-and- 
mortar stores) but over the past five years, various online shopping channels have become available which has given 
traditional retailers the opportunity to invest in online shopping platforms (Mack, 2013). 


Competition in apparel industry, especially the clothing sector, increased as; international clothing retailers (i.e. 
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Zara & H&M) have expanded their market presence into South Africa (Euromonitor, 2017) and offline retailers have 
started introducing an onmi-channel shopping experience to meet consumers’ needs (Durham, 2011). As retailers face 
an increase in competition, both offline and online, retailers need to evaluate the different shopping channels available 
to them and understand what motivates a consumers choice (Ha & Stoel, 2012, 198). This understanding is especially 
important because motivating factors behind selecting a shopping channel differ depending on the shopping channel 
(Cowart & Goldsmith, 2007:639). Research has indicated that when selecting a shopping channel, consumers will 
evaluate the following criteria: shopping channel attributes (cost, time, convenience and customer service), and 
the perceived risk of the purchase (delivery risk, product risk and security risks) (Al-Hawari & Mouakket, 2012:641; 
Lin & Sun, 2009:461; Martin & Camarero, 2008:629; Huang & Oppewal, 2006:347; van Dijk, Laing & Minocha, 
2005:1). Thus, understanding the factors (shopping channel attributes and perceived risk factors) motivating the 
choice of shopping channel will allow clothing retailers the information to develop a seamless shopping experience 
and formulate appropriate marketing strategies (Al-Hawari & Mouakket, 2012:641; Lin & Sun, 2009:461). 


LITERATURE REVIEW 


As previously noted, consumers select a shopping channel that appeals to their needs, and when doing so, their 
choice is predominately influenced by: the shopping channel's attributes (cost, time, convenience and customer service) 
and perceived risk (delivery risk, product risk and security risk). A consumers’ decision as to which shopping channel to 
select can be grounded in the consumer decision-making process — subsequently discussed - followed by a discussion 
on the other constructs underpinning the study. 


The consumer decision-making process 


Understanding why consumers make certain decisions or choices is a focus area for many researchers as it allows 
marketers to develop successful marketing strategies and predict behaviour (Erasmus, Boshoff & Rousseau, 2001:82). 
Many theories have promised marketers the ability to achieve the aforementioned, however these theories are limited 
by the context they can be applied to (Alavi, Rezaei, Valaei & Ismail, 2015:2). However, the consumer decision-making 
process comprising of five stages can be applied to almost any purchasing context making it a viable theoretical 
framework to understanding consumer behaviour (Lamb, Hair & McDaniel, 2016:90). The framework is based on the 
premise that consumers want to make the best purchase possible and typically do so to fulfil a need (usually identified 
through a problem). Once the problem has been recognised the consumer will search for products or services that 
promise to fulfil the need. Once the consumer has found products or services to solve their problem, they compare the 
different alternatives available and after evaluating the alternatives, the consumer will purchase the product or service 
that they feel will satisfy their need the most and then evaluate their choice (Babin & Harris, 2016:249; Lamb et al., 
2016:90; Schiffman & Kanuk, 1994:566). 


When evaluating alternatives, the consumer will evaluate the options they deem the most relevant making it important 
for marketers to understand the evaluation criteria used by consumers (Erasmus et al., 2001:83). This will allow marketers 
to create a product or service that satisfies the consumers evaluative criteria and impacts their choice positively (Babin 
& Harris, 2016:266). This study is focusing on the choice of shopping channel when purchasing clothing through offline 
or online shopping channels which, in essence, explains the evaluative criteria consumers use when deciding on the 
shopping channel. By understanding this, clothing retailers will be in a better position to tailor their shopping channel to 
what the consumer deems important. 


Shopping channels: offline and online 


Consumers have two distinct shopping channels to choose from: offline and online (Hsiao, Yen & Li, 2011:319). When 
selecting between these two shopping channels consumers want to select a shopping channel that offers convenience, 
the best value and efficient information-gathering potential (Srisuwan & Barnes, 2008:269). However, as consumers are 
exposed to more choice, they are displaying more complicated shopping and buying behaviours. In particular, this has 
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made the consumer more anxious fearing that they will make the wrong shopping channel selection making it important 
for retailers to understand what consumers look for in a shopping channel (Voinea & Filip, 2011:14). 


In the past, shopping was considered a simple activity completed offline in a shopping mall that allowed consumers to 
browse for products, socialise, experience and fantasise about products beyond their financial means (Pooler, 2003:7). 
Offline shopping is still considered a viable shopping channel due to the opportunity for consumers to examine the 
products before purchasing them, interact with the other shoppers and salespeople, and finally purchase and receive 
the products immediately (Chu, Arce-Urriza, Cebollada-Calvo & Chintagunta, 2012:252; Park & Lennon, 2006:56). 
However, although offline shopping channels still offer consumers different benefits, consumers are slowly beginning to 
use online shopping. This is evident in the fact that 58% of adults in South Africa shopped online over the past twelve 
months, amounting to an estimated total spend of $28 billion (R37.1 billion) (Smith, 2017). 


Initially, the online spend in South Africa was considerably lower as consumers did not have access to the internet as 
it was regarded to expensive and they did not trust the online shopping platforms (News24, 2013; Euromonitor, 2012). 
But, as the internet became more affordable and accessible, the retail industry shifted its focus to the online shopping 
platforms (Euromonitor, 2012) which led to more consumers shopping online (WorldWideWorx, 2016). Although 
the amount of South African consumers hopping online has increased, offline shopping platforms remain prevalent 
(Euromonitor, 2017) thus making it important for retailers to understand the evaluative criteria consumers use when 
deciding between the two shopping channels to remain relevant in the competitive industry (Lin & Sun, 2009:461). 


Evaluative criteria influencing choice of shopping channel 


As previously stated, shopping channel attributes and perceived risk factors have been selected as the main drivers 
of consumers deciding to shop online or offline. A detailed discussion of these elements is provided below. 


Shopping channel attributes 


In order to understand the value consumers gain from online and offline shopping, organisations need to understand 
the attributes of both (Slack, Rowley & Coles, 2008:46). Shopping channel attributes include cost, time, convenience, 
and customer service: 


. Cost refers to the actual cost of the product, as well as the cost of obtaining the product — such as travel costs 
incurred when physically purchasing the item, as well as delivery costs. It is imperative to understand how consumers 
perceive costs associated with each shopping channel as this influence which shopping channel they choose to 
use (Chintagunta, Chu & Cebollada, 2012:97; Lin & Sun, 2009:461; Cho & Workman, 2011:370). Therefore, the 
following hypotheses have been formulated: 


FZ Cost is perceived as a shopping channel attribute influencing purchase intention in offline shopping 
channels. 

H,.: Cost is perceived as a shopping channel attribute influencing purchase intention in online shopping 
channels. 


° Time refers to the number of hours consumers spend searching for a product and purchasing it (Cho & Workman, 
2011:372; Lin & Sun, 2009:461). Huang and Oppewal (2006:334) comment that consumers do not wish to waste 
time purchasing basic products (e.g. food), but they take their time when purchasing luxury or expensive items. In 
a study conducted by Cho and Workman (2011:377) it was revealed that consumers are becoming more pressed 
for time and are therefore looking for the most efficient shopping channel in order to decrease the overall time they 
spend shopping. Thus, formulating the following hypotheses: 


Fe Time is perceived as a shopping channel attribute influencing purchase intention in offline shopping 
channels. 
Fi Time is perceived as a shopping channel attribute influencing purchase intention in online shopping 


channels. 
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. The convenience aspect refers to the ease of use of the selected shopping channel (van Dijk et al., 2005:1). 
According to Lodorfos, Trosterud and Whitworth (2006:80), convenience is the main factor consumers employ to 
decide which shopping channel to use. A possible reason for this is that consumers want to save as much time as 
possible when purchasing products and therefore search for the easiest and quickest way to obtain them. Thus, 
retailers (both offline and online) should ensure that their channel provides consumers with the most convenience, 
which in turn will lead to customer satisfaction (Lodorfos et al., 2006:81). Therefore, the following hypotheses have 
been formulated: 

HZ Convenience is perceived as a shopping channel attribute influencing purchase intention in offline 
shopping channels. 

Fl: Convenience is perceived as a shopping channel attribute influencing purchase intention in online 
shopping channels. 


* Customer service refers to the service customers receive when using shopping channels. This includes physical 
interaction with staff, returning items, and after-sales service (Al-Hawari & Mouakket, 2012:641; van Dijk et al., 
2005:1). In a study conducted by Devaraj, Fan and Kohli (2006:1090), it was found that consumers want to receive 
the best customer service possible from a shopping channel. In order to achieve this, consumers evaluate their 
perceptions of each shopping channel and subsequently choose the one they believe will offer the best customer 
service as opposed to perceived risks. Perceived risk factors are deemed to influence the purchase intention and 
shopping channel employed, given the customer’s evaluation of customer service at hand. Thus, the following 
hypotheses have been formulated: 

H4a: Customer service is perceived as a shopping channel attribute influencing purchase intention offline 
shopping channels. 

H4b: Customer service is perceived as a shopping channel attribute influencing purchase intention in online 
shopping channels. 


Perceived risk factors 


Consumers who are regarded as risk-averse usually show more loyalty to one retailer. The opposite is true for 
consumers who are not afraid to take risks (Slack et al., 2008:49). Ha and Stoel (2004:378) state that consumers 
regard clothing as a high-risk purchase as they would prefer to physically examine clothes and try them on to check 
their colour, size, and quality. Some risk-adverse consumers may therefore prefer to purchase clothes from physical 
stores. However, consumers who are regarded as innovative (those with higher incomes and education levels, and 
who are willing to take risks) will be willing to use online shopping to make their apparel purchases, regardless of the 
associated risks. Studies conducted by Bridges and Florsheim (2008:309) and Goldsmith and Goldsmith (2002:97) 
reveal that consumers who bought apparel online believed it to be more enjoyable, easier, safer, and faster (Kim & 
Park, 2005:110). Goldsmith and Goldsmith (2002:98) remark that both offline and online shoppers display a liking 
for apparel shopping. However, they differed from the other two studies in terms of their perceptions about the 
advantages of purchasing apparel online, as well as in their attitudes towards online shopping. The perceived risks 
that consumers experience when shopping include delivery risk, product risk, and security risk: 


. Delivery risk (Huang & Oppewal, 2006:347) refers to the risk consumers take should their product be lost, damaged, 
or delivered to the wrong address (Masoud, 2013:78). Huang and Oppewal (2006:348) suggest that consumers 
will only select a shopping channel they perceive to have low delivery risk. However, this depends on the type of 
product they wish to purchase; if an exclusive product is available only via an online shopping channel, consumers 
tend to assume delivery risk. Therefore, formulating the following hypotheses: 

H5,: Delivery risk is perceived as a risk influencing purchase intention in offline shopping channels. 
H5,: Delivery risk is perceived as a risk influencing purchase intention in online shopping channels. 

. Product risk is the risk consumers take when purchasing a product either online or offline (Al-Hawari & Mouakket, 
2012:641). Suresh and Shashikala (2011:337) add that due to their not being able to physically examine the product 
before making the purchase — online shopping only allows them to see images and limited information about the 
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product — consumers assume the risk of the product not performing according to expectation. In a study conducted 
by Masoud (2013:77) it was established however that consumers wish to mitigate product risk as much as possible 
when choosing a shopping channel. They will assume the risk when it comes to certain types of products though. 
Thus, the following hypotheses have been formulated: 

ALS Product risk is perceived as a risk influencing purchase intention offline and shopping channels. 

H,.: Product risk is perceived as a risk influencing purchase intention in online shopping channels. 


° Security risk is the risk that payment information and personal details could be shared, and errors could occur 
when purchasing the product. Such risks exist in both online and offline shopping (Martin & Camarero, 2008:629; 
Huang & Oppewal, 2006:336). Although online shopping is used by millions of consumers daily, many are still 
concerned that their credit card and personal information will be shared with third parties after purchasing online. 
This is the largest deterrent to shopping online (Masoud, 2013:77). Furthermore, Huang and Oppewal (2006:336) 
state that consumers will select a shopping channel they believe will not compromise their personal security. Thus, 
the following hypotheses have been formulated: 

H7... Security risk is perceived as a risk influencing purchase intention in offline shopping channels. 


H7,: Security risk is perceived as a risk influencing purchase intention in online shopping channels. 


PROBLEM STATEMENT 


As the internet penetration rate has steadily increased (30.8 million people in 2017) this has forced retailers 
to investigate the viability of offering online shopping channel (Mybroadband, 2018). Retailers are changing their 
infrastructure to employ both online and offline shopping channels to reach more consumers and become more 
competitive as international retailers enter the industry (Durham, 2011). This has required a shift in the marketing 
strategies of South African retailers as they had become accustomed to the brick-and-mortar shopping environment 
(Euromonitor, 2012). 


Major clothing retailers in South Africa have created online shopping platforms to meet the needs of consumers 
(Durham, 2011) however, many have not invested the time in understanding the evaluative criteria influencing the 
consumer’s choice of a particular shopping channel (Cowart & Goldsmith, 2007:639). As online and offline shopping 
channels differ in their platforms, retailers should understand why a consumer selects one shopping channel over 
another and what they expect from the shopping channel (Voinea & Filip, 2011:14). Understanding this will allow 
retailers to develop a seamless shopping experience by focusing on areas of importance thereby developing a 
successful shopping channel (Al-Hawari & Mouakket, 2012:641). 


Some studies have been conducted in the South African environment, exploring the factors which influence the 
choice to shop online. However, there are no identified studies to date which determine the perceptions clothing 
consumers have regarding offline and online shopping platforms. Thus, the current study can be used by marketers 
to understand how consumer behaviour patterns are changing. Additionally, the study can contribute to sustainable 
development and growth of online apparel retailers by providing deeper knowledge of how to align their offline 
shopping channel with their online shopping one in order to gain customer loyalty. This would actively assist in 
developing responsive marketing strategies (and thus create competitive advantage) through the identification and 
understanding of the factors influencing consumers’ choice of shopping channels. 


Thus, the primary objective of the study is to determine the perceptions of consumers regarding the shopping 
channel attributes and perceived risk factors influencing apparel purchases using offline and online shopping 
channels, in Johannesburg, Gauteng. In order to achieve this primary objective, the following secondary objectives 
have been formulated: 


° To determine whether shopping channel attributes (cost, time, convenience, and customer service) influence 
consumers’ offline or online purchase intention. 

° To determine whether perceived risks (delivery risk, product risk, and security risk) influence consumers’ offline or 
online purchase intention. 
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RESEARCH METHODOLOGY 


The research design adopted for the study is descriptive in nature and employs quantitative research in the form 
of interviewer-administered questionnaires to collect the data needed for the study, as suggested by Burns and Bush 
(2010:235). 


The target population were consumers who had purchased apparel merchandise online or offline within the six 
months prior to the study. Non-probability two-stage sampling techniques comprising quota (50% of respondents 
purchased apparel using online channels and the other 50% purchased apparel using offline channels) and 
convenience sampling were then used to select the qualifying group of respondents. A total of 450 questionnaires 
were distributed to one respondent group by fieldworkers, of which 397 were deemed usable for the statistical analysis 
(88.2% realisation rate). The fieldworkers were able to speak different African languages and thus translate the 
questionnaire if necessary. The questionnaires were fielded across all regions in Johannesburg (northern, eastern, 
southern and western suburbs). The Johannesburg area in the Gauteng Province was chosen as it is considered to be 
the economic hub of South Africa (Ujuh, 2013). Furthermore, the province boasts the greatest South African Internet 
access rate, with 54% of people living in Gauteng having access to the Internet on a daily basis (Mybroadband, 2013). 


The survey questionnaire used for this study was adapted from the studies of Goldsmith and Flynn (2005) and 
Javadi, Dolatabadi, Nourbakhsh, Poursaeedi, and Asadollahi (2012), and consisted of four sections: Section A 
(demographics), Section B (shopping channel attributes), Section C (perceived risk factors) and Section D (general 
purchase intentions). The questionnaire further consisted of dichotomous, multiple-choice, and scaled-response 
questions, including unlabelled five-point Likert scale questions, ranging from 5 = “strongly agree” to 1 = “strongly 
disagree”. The following sentence was provided before each section explaining the ranges: “Indicate on a scale of 1 
to 5, where 1 is ‘strongly disagree’ and 5 is ‘strongly agree’, the extent to which you agree with each of the following 
statements. Please evaluate both the offline and online columns”. Identical statements were also used to determine 
respondents’ perceptions of both offline and online shopping channels, with an unlabelled Likert scale on either 
side (one column for offline shopping and another for online shopping) where respondents responded based on 
their perceptions regarding the channel in question. By using identical statements, the researcher was able to make 
comparisons between offline and online shopping — which strengthens the significance of the study. 


RESULTS 
Profile of respondents 


The demographic profile of respondents for the study is as follows: the majority of the respondents were between 
the ages of 18 and 25 (59.7%, n = 237). The largest number of respondents possessed a university degree (42.3%, 
n = 168), while the smallest number of participants had only completed primary school (0.5%, n = 2). The majority of 
the respondents were female (57.9%, n = 230). Most of the respondents were found to be English speaking (35.8%, 
n = 142), followed by 20.4% speaking Nguni languages (Zulu, Xhosa, Swati, Ndebele) (n = 81). The most common 
form of employment status among respondents was full-time by an organisation (34.3%, n = 136). This was closely 
followed by respondents who were full-time students (82.7%, n = 130). The majority of respondents were single 
(49.4%, n = 196). 


Descriptive results 


Table 2 indicates that the customer service attributes were the most influential when shopping offline, while the 
time attributes were the least influential when shopping offline. When shopping online, respondents indicated that 
the convenience attributes were the most influential while the customer service attributes were the least influential 
when shopping online. In addition, Table 1 reveals that respondents found delivery risk to be the most influential when 
shopping offline and online, while security risk factors were the least influential when shopping offline. In terms of 
online shopping, respondents indicated that they were the least concerned with the product risk factors. 
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TABLE 1: 
SECTION B AND C OF THE QUESTIONNAIRE ITEMS (SHOPPING 
CHANNEL ATTRIBUTES AND PERCEIVED RISK FACTORS) 














Construct No. Item 
Shopping channel attributes Cost B1 grants me better control of my expenses 
B2 allows me to find best value for money when buying apparel 
B3 is discouraging due to the additional costs | incur (i.e parking and petrol costs) or 
(i.e. Internet and delivery costs) 
B4 allows me to find better prices 
B5 encourages me to pay any cost for a unique apparel item 
B6 means the cost (price) of the apparel item is ultimately cheaper 
Time B7 allows me to avoid time wasting 
B8 takes less time to compare prices 
B9 takes up more time compared to other shopping methods therefore | avoid it 
Convenience B1 is relatively easy 


simplifies my shopping 

makes it easy to find the apparel item | want 

makes it easy to compare the differences among various apparel items 
is convenient to find information about an apparel item 





Customer service B1 allows me access to the advice of the salesperson 





0 
1 
2 
3 
4 
B15 is less complicated to use when shopping for apparel 
6 
7 
8 
9 








B1 allows me access to better customer service 
B1 allows me to access better after-sales support 
B1 makes it easy to return 
B20 makes it easy to get refunds 
B21 leaves me satisfied with the service level 
Risk factors Delivery risk C1 can lead to non-availability of products 
C2 can lead to apparel that is delivered undamaged 
C3 results in apparel purchases being delivered in a timely manner 
C4 may result in apparel purchases being delivered to the wrong address 
Product risk C5 leads to apparel matching the description being delivered 
C6 means | might not get what | want 
C7 means | might receive poor quality apparel 
C8 allows me to physically examine the apparel 
Security risk cg makes me feel as though my credit-card details may be compromised or misused 
C10 may result in me being overcharged as the store has my credit-card information 
C11 makes me feel safe as the credit-card information | provide is confidential 
C12 means | will not suffer a significant financial loss when carrying out a transaction 
Both “shopping offline’ and “shopping online” were used as stems for these statements 
TABLE 2: 


OVERALL MEANS AND STANDARD DEVIATIONS FOR CUSTOMERS’ PERCEPTIONS OF OFFLINE AND ONLINE SHOPPING 














Offline Online 
Mean Standard deviation Mean Standard deviation 
(M) (SD) (M) (SD) 
Shopping channel attribute Cost 3.27 1.218 3.18 1.242 
Time 2.19 1.303 3.44 1.216 
Convenience 3.53 1.135 3.53 1.194 
Customer service 3.90 1.056 2.62 1.152 
Perceived risk factor Delivery 3.38 1.188 3.21 1.480 
Product 3.16 1.159 2.98 1.191 
Security 3.05 1.220 3.12 1.244 
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Factor analysis 


Prior to factor analysis being conducted, the data set needs to be assessed for its suitability. The two aspects 
to consider are sample size as well as the strength of the relationship between the items. It is recommended that 
the sample size is as large as possible, with at least five respondents per item to infer generalisation of the target 
population (Pallant, 2010:187). In this study, there were 56 items and 397 usable questionnaires collected, which 
meant that there were seven respondents per item. This meets the criteria to infer generalisation. The second aspect 
was the strength of the relationship between the items, which can be assessed by using Kaiser-Meyer-Olkin (KMO) 
and Bartlett’s test of sphericity which should be greater than 0.6 and less than 0.5 (p <$ 0.05) respectively (Pallant, 
2010:182). The KMO measure and Bartlett's test of sphericity for this study for offline and online shopping vary 
between 0.580 (miserable) and 0.919 (meritorious), indicating that these ranges surpass the minimum value to be 
factor analysed (Pallant, 2007:181). 


It should be noted that two constructs (time and security risk) did not load onto a single factor, and these two factors 
were therefore removed for offline shopping to allow for further statistical analysis. When conducting the exploratory 
factor analysis, the time attribute loaded onto the convenience attribute (which related literature supports). This meant 
that the time attribute needed to be removed for online shopping. In addition, the security risk factor did not load onto 
a single factor and was therefore removed. 


Offline shopping attributes and risk factors factor analysis 


With regard to the cost attribute, the item B6 “Shopping offline means the cost (price) of the apparel item is 
ultimately cheaper” was the weakest indicator (0.228) of the construct, while the item B2 “Shopping offline allows 























TABLE 3: 
OFFLINE SHOPPING ATTRIBUTES AND RISK FACTORS FACTOR ANALYSIS 
Pattern Matrix Cumulative percentage 
Constructs and items Commonality Eigenvalue 
F1 F2 F1 F2 
Cost B1 (offline) 0.413 0.621 
(shopping channel attribute) B2 (offline) 0.618 F1: 2.287 0.741 0.262 
B4 (offline) 0.533 0.713 45.74% 20.07% 
B5 (offline) 0.414 F2: 1.004 0.359 0.534 
B6 (offline) 0.228 0.427 0.215 
Convenience B10 (offline) 0.294 0.542 
(shopping channel attribute) B11 (offline) 0.394 0.627 
B12 (offline) 0.527 0.726 
F1: 2.980 49.66% 
B13 (offline) 0.345 0.588 
B14 (offline) 0.450 0.671 
B15 (offline) 0.380 0.616 
Customer service B16 (offline) 0.443 0.665 
(shopping channel attribute) B17 (offline) 0.447 0.668 
B18 (offline) 0.347 0.589 
; F1: 3.245 54.07% 
B19 (offline) 0.572 0.757 
B20 (offline) 0.541 0.735 
B21 (offline) 0.353 0.594 
Delivery risk C2 (offline) 0.240 0.736 55.99% 
(perceived risk) C3 (offline) 0.542 F4: 1.680 0.534 
C5 (offline) 0.285 0.490 
Product risk C4 (offline) 0.316 0.562 57.60% 
(perceived risk) C6 (offline) 0.269 F4: 1.728 0.519 
C7 (offline) 0.544 0.737 


36 The Retail and Marketing Review: Vol 14 Issue 2 (2018) ISSN: 1817-4428 


me to find best value for money when buying apparel” was the strongest indicator (0.618). F1 (2.287) accounted for 
45.74% of variance and F2 (1.004) accounted for 20.07% of variance. The Eigenvalue of the second factor score was 
only marginally greater than 1.0, and, based on the pattern matrix, only two factors loaded saliently on the second 
factor. The following items did not load onto the pattern matrix and were therefore removed from the subsequent 
factor analysis: B3 (“Shopping offline is discouraging due to the additional costs | have to spend (i.e. parking and 
fuel costs)”, B7 “Shopping offline allows me to avoid time wasting”, B8 “Shopping offline takes less time to compare 
prices”, and BY “Shopping offline takes up more time compared to other shopping methods therefore | avoid it’. 


With regard to the convenience attribute, item B10 “Shopping offline is relatively easy” represented the weakest 
indicator of the construct, whereas item B12 “Shopping offline makes it easy to find the apparel item | want” was 
the strongest indicator. One Eigenvalue greater than 1.0 (F1: 2.980) was identified, which explained 49.66% of the 
variance in the data. This scale was considered to be unidimensional. 


In terms of the customer service attribute, the item B21 “Shopping offline leaves me satisfied with the level of 
service” represented the weakest indicator, while item B19 “Shopping offline makes it easy to return items” was the 
strongest indicator. There was one Eigenvalue greater than 1.0 (F1: 3.245), which explained 54.07% of the total 
variance with regard to customer service. 


For delivery risk, the item C2 “Shopping offline can lead to apparel that is delivered undamaged” represented the 
weakest indicator, and C3 “Shopping offline results in apparel purchases being delivered in a timely manner” was the 
strongest indicator. Only one Eigenvalue greater than 1.0 (F1: 1.680) was identified, which described 55.99% of the 
variance in delivery risk. The following items did not load onto the pattern matrix and were therefore removed from the 
subsequent factor analysis: C1 “Shopping offline can lead to non-availability of products”, C8 “Shopping offline allows 
me to physically examine the apparel”, C9 “Shopping offline makes me feel as though my credit-card details may be 
compromised or misused”, C10 “Shopping offline may result in me being overcharged as the store has my credit-card 
information”, C11 “Shopping offline makes me feel safe as the credit-card information | provide is confidential’, and 
C12 “Shopping offline means | will not suffer a significant financial loss when carrying out a transaction’. 


For product risk, the item C6 “Shopping offline means | might not get what | want” represented the weakest 
indicator whilst C7 “Shopping offline means | might receive poor quality apparel” represented the highest indicator. 
One Eigenvalue greater than 1.0 (F1: 1.728) was identified, and explained 57.60% of the variance. 


Online shopping attributes and risk factors factor analysis 


In terms of the cost attribute of online shopping, the item B6 “Shopping online means the cost (price) of the apparel 
item is ultimately cheaper” was the weakest indicator, while B2 “Shopping online allows me to find best value for 
money when buying apparel” was the strongest indicator. One Eigenvalue greater than 1.0 (F1: 2.057) was identified, 
which explains 51.41% of the variance. The following items did not load onto the pattern matrix and were therefore 
removed from the factor analysis: B3 “Shopping online is discouraging due to the additional costs | incur (e.g. parking 
and petrol costs)”, B5 “Shopping online encourages me to pay anything for a unique apparel item”, and B9 “Shopping 
online takes up more time than other shopping methods, therefore | avoid it”. As mentioned before, the time attribute 
loaded onto the convenience attribute. 


With regard to convenience, the item B10 “Shopping online is relatively easy” was the weakest indicator of 
convenience, and B12 “Shopping online makes it easy to find the apparel item | want” was the strongest indicator. 
One Eigenvalue greater than 1.0 (F1: 4.120) was identified, which explained 51.50% of the variance. It is important to 
note that two items from the time shopping channel attribute loaded onto the convenience shopping channel attribute, 
which was theoretically supported. 


For the customer service attribute, the item B17 “Shopping online allows me access to better customer service” 
was the weakest indicator, while B19 “Shopping online makes it easy to return items” was the strongest one. One 
Eigenvalue greater than 1.0 (F1: 3.351) was identified, which explained 55.85% of the variance. 


With regard to delivery risk, the item C5 “Shopping online leads to apparel matching the description being delivered” 
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TABLE 4: 
ONLINE SHOPPING ATTRIBUTES AND RISK FACTORS FACTOR ANALYSIS 
Constructs and items Commonality EigenvalueF1 Factor Matrix Cumulative percentage 
F2 F41 F2 

Cost B1 (online) 0.282 F1:2.057 0.531 51.41% 
(shopping channel attribute) B2 (online) 0.485 0.696 

B4 (online) 0.424 0.651 

B6 (online) 0.247 0.497 
Convenience B7 (online) 0.359 F1: 4.120 0.599 51.50% 
(shopping channel attribute) B8 (online) 0.486 0.697 

B10 (online) 0.319 0.565 

B11 (online) 0.590 0.768 

B12 (online) 0.589 0.767 

B13 (online) 0.373 0.610 

B14 (online) 0.534 0.730 

B15 (online) 0.346 0.588 
Customer service B16 (online) 0.352 F1: 3.351 0.593 55.85% 
(shopping channel attribute) B17 (online) 0.347 0.589 

B18 (online) 0.488 0.699 

B19 (online) 0.623 0.789 

B20 (online) 0.602 0.776 

B21 (online) 0.416 0.645 
Delivery risk (perceived risk C2 (online) 0.241 F1:1.606 0.491 53.52% 
factor) C3 (online) 0.683 0.827 

C5 (online) 0.138 0.371 
Product risk (perceived risk) C4 (online) 0.185 F1: 1.528 0.430 50.94% 

C6 (online) 0.231 0.481 

C7 (online) 0.408 0.639 





represented the weakest indicator, and C3 “Shopping online results in apparel purchases being delivered in a timely 
manner” represented the strongest indicator. One Eigenvalue greater than 1.0 (F1: 1.606) was identified, which 
explained 53.52% of the variance. The perceived security risk factor C9 “Shopping online makes me feel as though 
my credit-card details may be compromised or misused”, C10 “Shopping online may result in me being overcharged 
as the store has my credit-card information”, C11 “Shopping online makes me feel safe as the credit-card information 
| provide is confidential” and C12 “Shopping online means | will not suffer a significant financial loss when carrying out 
a transaction” did not converge on factor analysis and were therefore excluded to allow for further statistical analysis. 
Additionally, C1 “Shopping online can lead to non-availability of products” and C8 “Shopping online allows me to 
physically examine the apparel” did not load onto a factor and were therefore excluded. 


With product risk, the item C4 “Shopping online may result in apparel purchases being delivered to the wrong 
address” represented the weakest indicator of the construct while C7 “Shopping online means | might receive poor 
quality apparel” was the strongest indicator. One Eigenvalue greater than 1.0 (F1: 1.528) was identified, which 
explained 50.94% of the variance. 


Once the time shopping channel attributes and the security risk constructs were removed from the study, the 
following constructs remained: the cost attribute, the convenience attribute, the customer service attribute, the delivery 
risk attribute, and the product risk attribute. These were investigated further to determine their reliability. 


Although delivery and product risk display low levels of reliability, Pallant (2007:97) provides a reason as to why 
delivery risk and product risk were used in the regression analysis; Cronbach Alpha values are sensitive to the 
number of items in the scale, and due to the fact that the delivery risk and product risk attributes had the fewest items 
it is understandable that their scores are lower than 0.6. The researcher therefore elected to retain both the delivery 
and product risk attributes. 
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TABLE 5: 

OFFLINE SHOPPING CHANNEL ATTRIBUTES AND PERCEIVED RISK FACTORS 
Construct Cronbach Alpha 
Shopping channel attributes Cost (B1, B2, B4, B5, B6) 0.693 

Convenience (B10, B11, B12, B13, B14, B15) 0.797 
Customer service (B16, B17, B18, B19, B20, B21) 0.830 
Perceived risk factors Delivery risk (C2, C3, C5) 0.601 
Product risk (C4, C6, C7) 0.628 
TABLE 6: 

ONLINE SHOPPING CHANNEL ATTRIBUTES AND PERCEIVED RISK FACTORS 
Construct Cronbach Alpha 
Shopping channel attributes Cost (B1, B2, B4, B6) 0.677 

Convenience (B7, B8, B10, B11, B12, B13, B14, B15) 0.862 
Customer service (B16, B17, B18, B19, B20, B21) 0.841 
Perceived risk factors Delivery risk (C2, C3, C5) 0.559 
Product risk (C4, C6, C7) 0.517 





Multiple regression analysis 


Pallant (2007:148) states that there are various assumptions involved when conducting a multiple regression 
analysis: outliers, normality, linearity, and homoscedasticity. In terms of the outliers, there were none of more than 
3.3 or less than -3.3. The normality revealed that both skewness and kurtosis were normally distributed (skewness 
values were less than the absolute value of 2.0 and the kurtosis values were less than 7.0). In terms of linearity, the 
scatterplots for both offline and online shopping indicated that linear relationships exist between the shopping channel 
attributes (cost, time, convenience, and customer service) and the perceived risk factors (delivery risk, product risk, 
and security risk). Lastly, in terms of homoscedasticity, the assumptions were met for both offline and online shopping. 
Therefore, the assumptions were met and consequently a regression analysis could be performed. 


TABLE 7: 
REGRESSION OF PURCHASE INTENTION ONTO THE SHOPPING CHANNEL ATTRIBUTES AND 
PERCEIVED RISK FACTORS FOR OFFLINE SHOPPING 











Dependent variable Independent variables P-value Beta value R-square Adjusted 
value R-square 
value 
Shopping channel attributes Cost 0.000 0.112 
Convenience 0.000 0.065 
Purchase intention Customer service 0.000 0.187 0.200 0.186 
Perceived risk factors Delivery risk 0.000 0.175 
Product risk 0.000 -0.087 





From Table 7, it is evident that a significant relationship between cost (H1a) (6 = 0.112, p < 0.05); convenience (H3a) 
(B = 0.065, p < 0.05); customer service (H4a) (B = 0.187, p < 0.05); delivery risk (H5a) (8 = 0.175, p < 0.05) and product 
risk (H6a) (8 = -0.087, p < 0.05) and purchase intention in offline shopping channels exist as all p-values were less 
than 0.05. This resulted in H1a, H3a, H4a, H5a and H6a being accepted. Of all the offline evaluative criteria (shopping 
channel attributes and perceived risk) B values in the study, customer service (B = 0.187) and delivery risk (8 = 0.175) 
make the strongest unique contribution to explaining purchase intention (the dependent variable) in an offline shopping 
channel. 


In terms of the online shopping perspective, Table 8 reveals that a significant relationship between cost (H1b) (6 = 
0.70, p s 0.05); convenience (H3b) (8 = 0.325, p < 0.05); customer service (H4b) (6 = 0.191, p s 0.05) and delivery 
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risk (H5b) (B = 0.081, p < 0.05) purchase intention in online shopping channels exist as all p-values were less than 

0.05. This resulted in H1b, H3b, H4b and H5b being accepted. A significant relationship between product risk (H6b) 

was not found (8 = -0.004, p = 0.178) which led to H6b being rejected. Of all the online evaluative criteria (shopping 

channel attributes and perceived risk factors) B values in the study, convenience (B = 0.325) and delivery risk (B = 

0.081) make the strongest contribution to explaining the dependent variable (purchase intention) for online shopping. 
TABLE 8: 


REGRESSION OF PURCHASE INTENTION ONTO THE SHOPPING CHANNEL ATTRIBUTES AND 
PERCEIVED RISK FACTORS FOR ONLINE SHOPPING 











Dependent variable Independent variables p-value Beta value R-square Adjusted 
value R-square value 
Shopping channel attributes Cost 0.000 0.70 
Convenience* 0.000 0.325 
Purchase intention Customer service 0.000 0.191 0.242 0.231 
Perceived risk factors Delivery risk 0.000 0.081 
Product risk 0.178 -0.004 





* Time attribute loaded onto the convenience attribute 


In summary, the study revealed that cost, convenience, customer service, delivery risk, and product risk regressed 
onto both offline and online purchase intention. The strongest relationships were observed between: customer 
service and offline purchase intention, delivery risk and offline purchase intention, convenience and online purchase 
intention, and delivery risk and online purchase intention. Thus, H1a, Hib, H3a, H3b, H4a, H4b, H5a, H5b and H6a 
were accepted. H6b was rejected as there were no significant relationships between product risk and purchase 
intention. As mentioned, time (H2a;H2b) and security risk (H7a;H7b) were not included as these constructs were 
excluded during the factor analysis. 


CONCLUSIONS AND RECOMMENDATIONS 


Respondents indicated that when shopping offline, customer service and delivery risk were the most influential 
factors towards their purchase intention. Therefore, offline apparel retailers should ensure that customer service 
levels are satisfactory at all times through ensuring that customer needs are met successfully and complaints are 
handled professionally. Aspects of the physical store such as interaction with staff and after-sales service should be 
closely monitored to ensure employees uphold high customer service levels and reduce service failure. Management 
should also train employees and motivate them to offer excellent service to customers and encourage them to wear 
formal attire at all times in order to impress upon them the importance of customer service. 


Furthermore, retailers need to have a well-established complaint policy and methods to facilitate complaint 
resolutions which are displayed clearly within stores, to enable customers to understand the complaints procedure 
(i.e. show employees how customer service and satisfied customers are linked, and offer incentives to employees who 
manage to sell more), and show them how to address and resolve any customer complaints (i.e. provide training on 
how employees should escalate a complaint to management so that it can be resolved, and explain how employees 
should approach a hostile consumer). 


Additionally, management should ensure that retail employees become involved in the purchasing experience with 
the customer and interact with them at the service points in order to offer advice to them regarding online orders and 
ordering from other stores in cases where the desired product is unavailable. Moreover, if the product is unavailable 
at the requested time, then a delivery guarantee needs to be given to the customer to enable them to receive the 
product as promised. Offline retailers could require that employees approach consumers as they walk into the store 
and offer assistance. This might be incentivised by offering employees lower basic salaries and a higher commission 
rate, which will motivate them to provide a pleasurable shopping experience and maintain customer satisfaction. 
Another prospect that offline retailers could consider is having a customer service section available in-store where 
consumers can request items of apparel from other stores if the store they are in does not have them in their size. If 


40 The Retail and Marketing Review: Vol 14 Issue 2 (2018) ISSN: 1817-4428 


retailers do not offer consumers the best customer service, consumers will either switch to another retailer or use an 
alternative shopping channel. 


In terms of delivery risk, offline retailers should ensure that they offer consumers products that can be delivered 
in a timely manner and perhaps offer consumers delivery guarantees when they purchase products using offline 
shopping channels. This would grant consumers an opportunity to hold the offline retailer liable should the product 
not be delivered. This will positively influence purchase behaviour and create customer satisfaction, leading to 
customer loyalty. 


Respondents indicated that, when shopping online, convenience and delivery risk were the most influential 
towards online purchase intention. Online retailers should ensure that their shopping channel offers consumers the 
highest level of convenience in order to encourage them to make use of available online shopping options. To do 
so, online retailers should keep in mind that the majority of the South African population does not have access to 
computers and laptops, but most have access to smartphones (Holmes, 2014). This is supported by Smith (2017), 
who indicates that online retailers need to ensure that they focus their digital marketing strategy on the mobile 
platform. Therefore, retailers should make their websites “mobile friendly” or create apps consumers can use on 
their devices to increase their ability to find the required product information. Online retailers should also make 
online shopping as simple as possible by creating user-friendly websites, allowing consumers to pay for items using 
debit-cards, and by allowing them to return purchases seamlessly. Should consumers not be able to make payments 
online, retailers should offer other methods of payments such as gift cards that can be bought from another retailer, 
or a cash-on-delivery method to allow consumers to physically examine products before purchasing them. 


In terms of online delivery risk, the findings of this study are corroborated by Watson’s (2016) view that online 
retailers need to ensure that they offer various delivery options for consumers such as same-day delivery or even 
collection at a specific retail point. Retailers need to consider including the option of “click and collect” to appease 
delivery risk. Online retailers could request consumers to confirm their delivery address details twice if consumers 
want door-to-door delivery, to ensure that there are no errors. Additionally, online retailers could inform consumers 
when their product has been dispatched (by e-mail or text message, for example) which would inform consumers 
when they should expect to receive their product. By making use of reputable courier companies, the online retailer 
could also decrease the risk of the product not being delivered, or of its being delivered to a wrong address. Retailers 
should also ensure that their products are packaged correctly and that the packing provides enough support to 
protect the product. 


LIMITATIONS AND CONTRIBUTIONS OF THE STUDY 


The two major limitations of this study were that there were no existing studies exploring both the offline and 
online perspective in the same study, and that the study was only conducted on Gauteng among South African 
consumers. Based on these limitations it is recommended that: 


¢ As this study was based on South African respondents, further research could be conducted by replicating the 
study in other countries or geographical areas determining whether the same differences appear. 

. Other researchers could explore the influence of other factors like access to technology and specific products 
could have on perceptions as these factors were not taken into consideration in this study. 


This study specifically contributes to the current field of research of consumer decision-making in selecting 
shopping channels by identifying differences in consumer perceptions in both offline and online shopping channels. 
Practically, this study contributes by assisting retailers who have an online and offline presence in tailoring their 
marketing strategy based on their shopping channel. More specifically, the study revealed that consumers perceive 
online and offline shopping channels differently with regards to the shopping channel attributes and perceived risk 
factors they consider when selecting a shopping channel. By understanding this difference retailers will be able to 
develop a seamless shopping experience. 
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ABSTRACT 


Experiential retail has increasingly drawn attention in recent years as an innovative format whereby retailers could 
regain a competitive advantage in the saturated and consumer-dominated retail environment. Experiential retail 
environments are interactive and often elicit spontaneous reactions while consumers are in-store. This study explores 
the influence of internal antecedents, namely consumers’ mood and emotions, hedonism and recreation as instigators 
of their impulse behaviour in experiential retail contexts. Consumers’ responses were based on a retrospective 
assessment of their impulse behaviour in a selected experiential retail environment which they regarded as their 
most memorable experience. Purposive sampling was used to distribute structured electronic questionnaires across 
South Africa to potential respondents. Findings reveal that these internal antecedents are central to specific impulse 
behavioural outcomes in an experiential retail setting. Findings also confirm the importance of retail environments 
that offer memorable experiences where people can escape from their daily routines, further indicating that impulsive 
purchases are often made to cherish the visit and therefore retailers have to be exceptionally innovative in terms of 
the type of products and memorabilia that are sold due to its potential to attract more patrons that is highly beneficial 
to outdo competitors in a cut-throat market place. 
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INTRODUCTION 


Changes in the retail environment globally over the past few decades are due to a growth in pertinent trends that 
require a serious reconsideration of the way in which retailers have operated to date. For example, an increase in 
the prevalence of materialistic values amongst consumers, a raise in environmental concerns, the booming of the 
digital era that is favoured by the Y generation, as well as opportunities to utilize multichannel formats to acquire 
goods and services have changed consumers’ perceptions and their expectations of shopping (Verhoef, Kannan and 
Inman 2015; Wiese 2016). Although many researchers claim the integration of multiple channels into omni-channels 
(Verhoef et al. 2015), many consumers still prefer brick-and-mortar stores (Gold 2014) provided that their valuable 
time is not compromised on redundant products or services while better alternatives can be obtained elsewhere 
(Nemeth 2015). Although the closure of brick-and-mortar stores are not yet in sight, it is imperative that retailers adopt 
and incorporate new trends in their traditional retail strategies to keep consumers interested (Barnard 2016). 


With the world literally at their fingertips (Wiese 2016), consumers now also demand memorable, fun-filled 
experiences that evoke positive emotional responses to surpass the longevity of the product or service that they 
are interested in. For many, the recreational dimension of shopping supersedes the fundamental purpose of the trip. 
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Survival in the current global competitive retail environment thus requires retailers to master the novelty of experiential 
retail that converts products and services into memorable experiences where retail environments become more than 
platforms to acquire merchandise from, evolving into entertainment environments (Pine and Gilmore 2011; Hirsch 
2012; Wiese 2016). 


RESEARCH AIM 


Although many researchers have shown considerable interest in experiential retail in recent years, most of these 
studies have progressed no further than defining the construct and providing preliminary insights into consumers’ 
satisfaction within these retail environments (Schmitt 1999; Pikkemaat, Peters, Boksberger and Secco 2009; Srinivasan 
and Srivastava 2010; Pine and Gilmore 2011; Same and Larimo 2012; Shah and Alter 2014; Yoon 2013; Srivastava 
and Kaul 2014; Alcantara, Artacho, Martinez and Zamora 2014; Loureiro and De Araujo 2014; De Farais, Aguiar 
and Melo 2014). Eventually, successful retail operations depend on retailers’ abilities to understand the motivations 
and actions that underlie consumers’ behaviour. However, empirical evidence could not be found that explicates 
consumers’ behaviour within an experiential retail context where the main intent is to create a life experience that 
is driven by emotions such as fantasies, feelings and fun (Schmitt 1999), which surpass the rationality of attaining 
products that would satisfy basic needs (Pikkemaat et al. 2009). Consumers inevitably exhibit different behaviours 
in experiential retail settings compared to traditional retail stores. In experiential retail contexts, consumers are 
motivated by the pleasure of performance rather than the achievement of goals. They subsequently process data ina 
more perceptual fashion, which provides fertile ground to act impulsively upon stimuli in the environment (Mathwick, 
Malhotra and Rigdon 2001). Impulse behaviour per se, has thus attracted the attention of many researchers in recent 
years (Harmancioglu, Finney and Joseph 2009; Dawson and Kim 2009; Sharma, Sivakumaran and Marshall 2010; 
Yu and Bastin 2010; Chang, Eckman and Yan 2011; Murugananantham and Bhakat, 2013). Consumers’ impulse 
behaviour in an experiential retail setting is, however, still under-explored, and therefore a void exists in terms of 
evidence of the presence and effect of imperceptible antecedents that prompt consumers’ impulse behaviour in 
experiential retail contexts. 


Experiential retail is proposed as a worthwhile option for the future success of retailers (Stops 2013; Mangozhe 
2013; Gold 2014) although the idea has not yet been widely implemented due to some level of uncertainty concerning 
this unconventional retail format. Based on extant research relating to impulse behaviour that specifically concerns 
consumers’ internal desires, this paper aims to integrate the germane intrinsic antecedents that could prompt 
consumers’ impulse behaviour within experiential retail contexts. A coherent framework to expand the literature about 
consumers’ behaviour in the marketplace is presented, also proposing strategic considerations for experiential retail 
environments that could potentially result in the design of profitable and sustainable retail alternatives during times 
when retailers can no longer assume consumers’ loyalty and their much-needed return intentions. Admittedly, more 
discerning contemporary consumers constantly seek innovative encounters to satisfy their needs. Recommendations 
are hence based on an inference of primary reasons for consumers’ patronage of experiential retail establishments 
with an explication of their impulse behaviour within those contexts. The research also seeks to enhance academics’ 
understanding of contemporary consumers and to expand theory pertaining to a key retail innovation, specifically 
experiential retail. The outcomes of this research would apply to the implementation of new consumer behaviour- and 
retail curricula in higher education institutions. 


LITERATURE 


The emergence of experiential retail 


Admitting that their best memories result from experiences or events, consumers are often willing to pay more for 
experiences that will enhance and shape their identities rather than to spend their money on tangible luxury products 
that they often soon lose interest in anyway (Khuvutlu 2015). Retail experts concur that modern post-materialistic 
consumers derive more pleasure from shared experiences than from flaunting tangible goods (Portas 2010; Khuvutlu 
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2015). This exemplifies the renewed interest in the experience economy as described by Pine and Gilmore (1998) 
during the late 1990’s. They argued that the prominent reason why consumers still patronise traditional retail stores, 
is to enjoy the instant gratification derived from an integration of commodities, goods or services in such a way 
that it will bring about memorable experiences. Moreover, consumers do not merely shop for the sake of obtaining 
utilitarian products or services. They are usually willing to sacrifice time and money to be entertained (Khan, Dhar and 
Wertenbroch 2010), which supports the underlying philosophy of experiential retail that a themed store environment 
offers various forms of entertainment with the intention to transform shopping into an emotional and hedonical 
experience (Kim, Sullivan and Forney 2007; Garvin 2009). 


Ultimately experiential retail aims to lure consumers to physical retail settings by offering entertainment as a form 
of personal reward for their presence in carefully crafted environments (Loureiro and De Araujo 2014). Once in the 
setting, consumers are tempted by affective wants and tend to act spontaneously and impulsively in line with their 
personal preferences - purchasing goods, such as memorabilia or by participating in activities (Khan et al. 2010). 
Although consumers might initially visit an experiential retailer purely out of curiosity and to experience it, they are 
likely to Succumb and engage in impulse behaviour to enhance their involvement (Pine and Gilmore 2002, 2011). 
Experiential retail therefore offers an opportunity for existing retailers as well as new entrants to thrive despite fierce 
competition and trying global economic conditions. 


Impulse behaviour in an experiential retail environment 


Per definition, impulse behaviour suggests that no prior planning, information gathering or evaluation of possible 
alternatives precedes consumers’ actions. Rather, impulse behaviour encompasses a strong, irresistible urge to 
act spontaneously without deliberation (Kalla and Arora 2011; Amos, Holmes and Keneson 2014): consumers thus 
become emotionally charged to act (Sharma et al. 2010). Impulse behaviour is a swift process in which consumers’ 
dormant desires are activated while browsing, instigating a demand for instant gratification (Kim 2003; Kalla and 
Arora 2011). 


The engaging experiences in experiential retail stores differ from one store to the next. Similarly, two consumers 
would not have the same experience when exposed to the same stimulus. The eventual experience is triggered by 
the interaction between a consumer’s state of mind and the staged event which the retailer purposively controls (Pine 
and Gilmore 1998; Same and Larimo 2012; Srivastava and Kaul 2014). The same consumer’s behaviour towards an 
event might also differ from one day to the next, as experiences are perishable, non-tangible and inconsistent. This 
complicates the consumer’s planning prior to visiting an experiential environment. The retailer too, is unaware of how 
and when its prospective clientele will react. It is standard practice for experiential retailers to incorporate secretive 
elements in their setup, to continually update events and settings, in-store features and products. Not only is this done 
to retain consumers’ interest and encourage return visits, it also further complicates a consumers’ prior planning. Each 
visit to a particular venue should be as captivating and memorable as possible, both for new and returning visitors. 


Conceptual model development 


The four realms of experiences as developed by two of the renowned experiential researchers, Pine and Gilmore 
(1998) served as a valuable point of reference to identify certain internal motives that might drive consumers’ 
behaviour towards and within experiential retail environments. The first type of experience, the entertainment 
experience refers to a passive experience where consumers watch others perform or partake in activities without 
getting involved themselves. Educational experiences require more active participation and lead to the acquiring of 
knowledge and enhancement of skills. The aesthetic realm entails the enjoyment and appreciation of the retail setting 
that gets consumers immersed. Consumers need not partake in an activity but the mere presence in the experiential 
environment leads to enjoyment. The last realm, the escapism experience is where consumers become intensely 
immersed in the environment and help shape the experience by acting in a play, taking on a new persona and break 
away from reality. An ideal experiential venue should encompass all four experience realms as explained by Pine and 
Gilmore (1998). 
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Considering the aforementioned four realms of experiences, supporting literature on experiential retail as well as 
impulse behaviour were identified to explain the internal motives that drive consumers towards visiting the different 
types of experience realms and ultimately prompt spontaneous behaviour. Arnold and Reynolds (2003; 2012) identified 
six hedonic shopping motives that concur with the desires related to the four experience realms. Adventure shopping 
serves as a motivation for the entertainment realm; idea shopping for the educational realm; and gratification shopping 
for the escapism realm. Social-, role- and value shopping were further identified by Arnold and Reynolds (2003; 2012) 
as additional hedonic motives. These experiential retailers’ work is supported by impulse literature from scholars such 
as Hausman (2000), Yu and Bastin (2010), Kalla and Arora (2011) and Amos et al. (2014) who all identified hedonic 
motives to spur impulse behaviour. With regards to the aesthetic realm, shopping for recreational purposes and pure 
pleasure were identified as an important internal motive. This is also supported by literature on impulse behaviour as 
scholars Beatty and Ferrel (1998), Amos et al. (2014), and Saad and Metawie (2015) identified shopping enjoyment 
as influential to impulse behaviour. Not included based on the experiential realms, nevertheless strongly depicted 
from literature deriving from both experiential literature (Holbrook and Hirschman 1982; Schmitt 1999; Pine and 
Gilmore 2002; Bagdare and Jain 2013) and impulse behaviour (Rook and Gardner 1993; Beatty and Ferrel 1998; 
Hausman 2000; Silvera, Lavack and Kropp 2008; Kalla and Arora 2011) is the role of mood and emotions. 


Drawing on these prior research on impulse behaviour as well as studies on experiential retail, a holistic 
conceptualization of consumers’ experiences in experiential retail venues is presented. Mood and emotions, hedonism 
as well as recreation were identified as influencing factors from both impulse behavioural- as well as an experiential 
perspective as the most prominent influencing antecedents. 


This study regards mood and emotions as an inseparable concept based on its interactive nature, arguing that 
someone in a negative mood can feel depressed, or that being happy creates a positive mood state. Subsequently 
mood and emotions are often used interchangeably (Robbins and Judge 2013). Generally, those who choose to visit 
experiential retailers do so for enjoyment rather than to obtain functional goods. Activities engaged in for fun rather 
than performance lead to positive feelings, which prompt more creative and flexible processing of information and are 
conducive to noticeable impulse behaviour (Park 2002). Experiential shopping experiences have been found to create 
positive emotions that increase unplanned purchases (Backstr6m and Johansson 2006; Verplanken and Sato 2011). 
Although mood and emotions have previously been found to play a mediating role between consumers’ cognition 
and actual behaviour in a traditional retail setup (Fiore and Kim 2007), mood and emotions are projected to directly 
prompt consumers’ impulsive acts as the speedy nature of impulse behaviour allows no time to evaluate aspects such 
as quality or status that are typical of calculated decisions. In experiential contexts, consumers’ behaviour is rather 
fuelled by a spontaneous emotional charge (Fiore and Kim 2007; Amos et al. 2014). Consumers who act impulsively 
in response to intrinsic preferences are spontaneously tempted by affective wants (Khan et al. 2010). Accordingly, the 
following hypothesis was formulated: 


a Mood and emotions positively influence consumers’ impulse behaviour in an experiential retail setting. 


Apart from mood and emotions, hedonic shopping motives have also been identified as a driving force for impulse 
behaviour (Yu and Bastin 2010; Kalla and Arora 2011). Such motives are pleasurable and associated with elements 
such as fun, novelty and surprise (Saad and Metawie 2015). Consumers who enjoy shopping experiences are more 
inclined to engage in impulse behaviour (Saad and Metawi 2015). Arnold and Reynolds’ (2003, 2012) six different 
hedonic shopping motives, namely: adventure shopping that represents shopping for excitement and exploration; 
social shopping that is associated with an opportunity to interact and socialise with others in the shopping environment; 
role shopping that depicts the act of shopping on behalf of other people or to purchase gifts; gratification shopping 
that is a form of relief from daily stresses; value shopping that underlies the motive to shop for bargains and lastly, 
idea shopping that represents a means to gain insight into the latest trends or for inspiration, are especially relevant. 
Because experiential-venues are often thematic, offer exclusive products as well as entertaining activities, it is highly 
likely that a combination of several of the six hedonic shopping motives could prompt impulsive behaviour within the 
venue. The following hypotheses are thus formulated: 
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H.: Hedonism positively influences consumers’ impulse behaviour in an experiential retail environment, 
specifically in terms of: 
: adventure shopping 
social shopping 
role shopping 
gratification shopping 
value shopping 


op idea shopping 


Apart from being motivated by the non-monetary gains that experiential retail offers by satisfying consumers’ 
hedonic desires, some consumers prefer shopping for recreation that refers to activities that consumers voluntarily 
participate in as a form of leisure when they can escape from obligations and duties of their everyday life (Ozturk 
2016). Experiential retail environments provide an ideal platform for consumers to spend their free time since these 
establishments provide pleasure and reward through visitation alone, without financial or social obligation (Fiore and 
Kim 2007). The most significant benefit for retailers is nevertheless financial, as consumers who wish to preserve 
the experience usually impulsively indulge in purchasing products or services that are exclusive to the experience. 
Hence, the hypothesis: 


H3: A desire to visit a store for recreation positively influences consumers’ impulse behaviour in an 
experiential retail environment. 


The conceptual framework presented in Figure 1 depicts the hypotheses for the study, proposing that mood and 
emotions, hedonic desires as well as a desire for recreation respectively influence consumers’ impulse behaviour in 
an experiential retail setting. Impulse behaviour in this context could culminate as specific behavioural outcomes, 
possibly irresistible desire creation, impulse purchases and impulse participation in activities. 


METHODOLOGY 


FIGURE 1: 
CONCEPTUAL MODEL AND HYPOTHESES 
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A quantitative approach using an electronic survey was used to gather data from respondents through retrospective 
recall of aconsumer’s experience at an experiential retail venue in South Africa. A prerequisite for participation in the 
study was that the respondents had to have visited one of the experiential retail venues including themed restaurants 
(Hard Rock Café, Die Blou Hond and Greensleeves), Pop-up stores (Pestaurant and Magnum Pop-up store), an 
experiential recreational destination (Pretville) and experiential retail stores (Cape Union Mart Adventure Centre and 
Build-A-Bear workshop) in the three years preceding completion of the questionnaire. With regards to experiences, 
a longer timeframe is considered acceptable based on evidence that consumers tend to clearly recall their best 
experiences associated with entertaining events. To the contrary, bad purchases are often recalled when referring to 
functional product purchases (Martin, Reimann and Norton 2015). It was further assumed that the uncommon nature 
and distinctive experiences at the experiential venues would still enable a satisfactory recall within the three year 
period (Martin et al. 2015). Questionnaires were distributed by a contracted research company to members on their 
extensive data base. 


Scale items were adapted from established scales on impulse behaviour (Rook and Fisher, 1995) as well as 
experiential related studies (Kim 2003; Arnold and Reynolds 2003; Mathwick et al. 2001). One pre-test (July 2015) 
and a pilot test (August 2015), preceded the actual data collection procedure during September 2015 to enhance 
content validity. The time needed to complete the questionnaire, the length, clarity of instructions and linguistic issues 
were considered. A total of 402 usable questionnaires are reported on in this study. Respondents had to select the 
most memorable experiential venue visited from a specific list before answering the questions specifically pertaining 
to that experience. By only reflecting on a specifically selected experience, respondents could provide a more focused 
report on their impulse behaviour. Sifting questions granted access to questions pertaining to impulse purchases and 
impulse participation respectively, to only those who had bought something or took part in activities. This was done 
to eliminate redundancy and to improve the time and pleasure of completing the survey. This reduced the number of 
useable questionnaires to 179 questionnaires for the confirmatory factor analysis (CFA) procedure and development 
of the structural equation model (SEM) as these statistical techniques should ideally be performed on complete data 
sets with no missing values. These questionnaires were completed by respondents who had bought something and/ 
or took part in activities at the venue. Five questions in the questionnaire captured demographic information through 
nominal scales, while level of education and income were in categorical format. Likert-type “Agreement” scales with 
options ranging from 0 = strongly disagree to 10 = strongly agree were used to investigate internal antecedents and 
impulse behaviour. Ten-increment scales were considered most suitable for Structural Equation Modelling (SEM) 
(Awang, Afthanorhan and Mamat 2016). 


The statistics program IBM©SPSS©23 was used to analyse the data. The first step entailed scale purification, which 
involved item analysis, exploratory factor analysis (EFA), confirmatory factor analysis (CFA), reliability assessment, 
as well as testing of convergent- and discriminant validity. Kaiser-Meyer-Olkin (KMO) statistics with values ranging 
between 0.5 and 1.0 and Bartlett’s test of sphericity, significant at p < 0.5 confirmed that items correlated sufficiently 
to continue with factor analyses (Malhotra 2010; Tabachnick and Fidell 2013). EFA with varimax rotation was used 
to uncover the underlying structure of the data, to assess construct validity as well as the internal consistency and 
reliability of constructs through calculation of Cronbach’s alpha. A clear priori of related variables was deduced from 
the literature and therefore the aim was to reveal any latent variables among those listed that caused it to covary. 
An Eigenvalue > 1 informed the number of factors extracted upon which the corresponding variance was explained. 
CFA followed with the use of IBMOAMOS©@23 to estimate a measurement model based on the factors extruded 
through EFA. Composite reliability (CR) was calculated whilst standardized item loadings (SW) and average variance 
extracted (AVE) were examined to assess convergent validity (Hair, Black, Babin and Anderson 2014). Discriminant 
validity was assessed by ensuring that the average variance extracted (AVE) for each construct is greater than the 
maximum shared variance /squared correlation (MSV) between each pair of constructs in the measurement model 
(Fornell and Larcker 1981; Hair et al. 2014). The measurement as well as structural models were assessed using 
Covariance-Based Structural Equation Modelling (CB-SEM). 


The sample was heterogeneous as the prerequisite for participation in the study was visitation to any one of the 
specified experiential retailers. The gender representation in the sample (N= 402) was almost equal (51.5% male; 
48.5% female). Regarding age, most respondents were between 26 and 55 years of age (18-25 years: 5.2%; 26-35 
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years: 23.4%; 36-45 years: 22.6%; 46-55 years: 26.4%). Slightly more than 20% were older (56-65 years: 16.7%; 
>65 years: 5.7%). Although the majority of respondents were whites (61.7%), a sizable representation of Africans 
was included (20.9%). Asians (8.5%) and coloureds (5.2%) were not well represented despite additional invitation to 
attract more interest. Unfortunately, 3.7% refrained from disclosing their ethnicity. Many of the respondents had higher 
education qualifications (post-graduate: 28.1%; graduates: 43.5%; undergraduates: 8%). Others had completed 
secondary school (17.4%), part of secondary schooling (1.8%), while some refrained from disclosing their education 
level (1.2%). Monthly income categories were formed to concur with typical South African income groupings (Coetzee 
and Van Aardt 2011). The categories indicate a stronger representation of middle income consumers, i.e. lower 
income to emerging middle class earning <R25 000 monthly: 45.8%; the realised- to upper middle class earning 
>R25 001 - R60 000 monthly: 29.1%; emerging affluent to affluent consumers earning >R60 000 per month: 13.4%; 
with 11.7% who withheld their income information. 


RESULTS AND INTERPRETATION 


Exploratory factor analysis (EFA) 


EFA was respectively conducted on items measuring mood and emotions, hedonism, recreation, irresistible desire 
creation, impulse purchases and impulse participation to validate the new model. With regards to mood and emotions, 
the null hypothesis was rejected since the Bartlett's test of sphericity was significant (chi-square = 1362.441; df = 
3; sig. = 0.000). The KMO statistic of 0.768 exceeds the recommended cut-off point (< 0.5) (Malhotra 2010). The 
factorability of the data was therefore confirmed. Anti-image diagonals ranged from 0.72 and above, meeting the 
threshold of > 0.4 and confirmed the correlation of the items measuring mood and emotions. EFA confirmed the 
coherence of the three items for mood and emotions with high communalities (> 0.3) that ranged between 0.855 
and 0.941 as well as one factor extracted with individual loadings ranging between 0.93 and 0.97 (Pallant 2013). 
These three items accounted for 88.21% of the total variance explained. The three items further indicated internal 
consistency reliability (Cronbach a = 0.96) (De Vellis 2012). 


In terms of hedonism, Bartlett’s test of sphericity (chi square = 6798.972; df = 190; sig. = 0.000) and the KMO 
statistic (0.940) confirmed that factor analyses would be appropriate for analysing the correlation matrix. Anti-image 
diagonals ranged between 0.87 and 0.97, confirming good correlation amongst items. Communalities of all items 
ranged between 0.54 and 0.87. The factor procedure uncovered three factors related to hedonism, contrary to the 
six factors of Arnold and Reynolds (2003). Adventure-, gratification-, idea- and value shopping were clustered as a 
single factor, merging 13 items that are hereafter referred to as pleasure shopping. Standardised item loadings of 
items related to pleasure shopping ranged between 0.59 and 0.85. This factor also accounts for 38.51% of the total 
variance explained and Cronbach’s a = 0.96 showed internal consistency reliability. Due to the assimilation of these 
items, H2d to H2f merged as part of H2a, which represents pleasure shopping rather than adventure shopping. Social 
shopping and role shopping emerged as independent factors. Social shopping’s standardised item loadings varied 
between 0.80 and 0.85 for the three items, while also accounting for 18.01% of the variance in the data; Cronbach’s 
a = 0.91 further assured good reliability. Standardised item loadings for role shopping ranged between 0.85 and 0.90, 
while the factor accounted for 16.30% of the variance in the data, and the Cronbach’s a = 0.90 indicated internal 
consistency reliability. 


Recreation was also deemed appropriate to undergo factor analyses based on the outcome of Bartlett’s test of 
sphericity (chi square = 765.998; df = 3; sig. = 0.000) that is significant and together with the KMO statistic (0.754), 
indicate factorability of the data. Anti-image correlations were >0.74 and acceptable with high communalities >0.74. 
The standardised item loadings of the three items associated with recreation ranged between 0.86 and 0.89 whilst 
explaining 75.80 % of the total variance in the data. Cronbach’s a of 0.90 confirmed internal consistency reliability. 


The three items for irresistible desire creation were specifically developed for this study. According to Bartlett’s 
test of sphericity that was significant (chi square = 821.070; df = 3; sig. = 0.000) and the KMO statistic value of 
0.733, factorability was indicated. Anti-image correlations were >0.68 and the items portrayed high communalities 
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that ranged between 0.67 and 0.74. The standardised item loadings of the items were high, ranging between 0.82 
and 0.95 whilst explaining 76.97% of the total variance in the data. Internal consistency reliability was confirmed with 
Cronbach's a = 0.91. 


The significance of Bartlett’s test of sphericity (chi square = 90.137; df = 3; sig. = 0.000) and the value of the KMO 
statistic being 0.583, confirmed the appropriateness of factor analysis for impulse purchases. All anti-image diagonals 
were >0.56. One item (I decided what | was going to buy before | visited the venue) was removed because of a low 
communality to enhance internal consistency, i.e. the Cronbach’s a increased from 0.57 to 0.62 (confirming internal 
consistency reliability), and the communalities of the two remaining items were 0.73. The standardised item loadings 
of both items were 0.85 and explained 72.51% of the total variance in the data. 


Items associated with impulse participation in activities were also suitable to undergo factor analysis with Bartlett's 
test of sphericity (Chi square = 213.649; df = 6; sig. = 0.000) and an acceptable KMO statistic value of 0.539. Two items 
were removed because of low communalities. The remaining three items’ communalities were >0.54. Standardised 
item loadings were high, ranging between 0.74 and 0.90. The Eigenvalue indicated that the factor explained 63.40% 
of the total variance in the data. The Cronbach's a = 0.70 indicated internal consistency reliability. 


Confirmatory factor analysis 


CFA was subsequently conducted with the use of IBMOAMOS©23, on 179 questionnaires to assess the 
measurement model. Eight factors with a total of 33 items were included in the model. Inspection of the model fit 
revealed some indices below the acceptable thresholds of CMIN < 0.3; CFI > 0.9; IFIl > 0.9; TLI > 0.9 and RMSEA 
< 0.08 (Hair et al. 2014). Subsequently, low standardised item loadings (< 0.5) indicated six items pertaining to 
hedonism for possible removal. Each item was subsequently inspected for domain representativeness. Three items 
relating to pleasure shopping were removed, namely: The experience at the venue was an opportunity to spoil myself; 
The experience at the venue was priceless because | know | might not be able to experience it again; and The visit 
to the venue enabled me to experience something exclusive. Seven items were retained to measure the factor, 
confirming domain representativeness. The visit to the venue kept me updated with the latest trends and ideas; The 
visit to the venue was more interesting than that to traditional restaurants/retailers/cinemas: and The visit to the venue 
satisfied my sense of curiosity items, collectively represented idea shopping but were clustered as part of pleasure 
shopping during the EFA procedure. Because these items relate to the latest trends, innovation and exclusivity, unlike 
the rest of the items that reflect on the enjoyment of the experience, they were removed, concluding that experiential 
settings do not necessarily satisfy motives associated with idea shopping. A second CFA model was then assessed 
with the remaining 27 items. The subsequent CFA results indicated that the model fit the data well (y2 = 617.850; df 
= 294; p = 0.000; CMIN = 2.102; CFI = 0.932; IFI = 0.933; TL] = 0.919; RMSEA = 0.079). However, based upon this 
model, discriminant validity issues with respect to pleasure shopping and recreation were uncovered. It was decided 
to merge the two factors, with recreation hereafter also forming part of pleasure shopping, as the items measuring 
each of the constructs were closely related. Based upon the literature, it is evident that pleasure shopping and 
recreation are constructs that are closely related as pleasure shopping entails shopping for excitement, exploration 
and relief from daily stresses (Arnold and Reynolds 2003;2012) whilst recreation pertains to the act for pleasure and 
an escape from everyday obligations (Fiore and Kim 2007; Ozturk 2016). This results in the merge of H2a and H3 so 
that H2a collectively represents both initial constructs (please shopping and recreation). The subsequent CFA results 
indicated the model fit the data well (x2 = 634.301; df = 301; p = 0.000; CMIN = 2.107; CFI = 0.930; IFI = 0.931; TLI 
= 0.918; RMSEA = 0.079). The standardised item loadings, composite reliability, average variance explained as well 
as the maximum shared variance are presented in Table 1. 


The standardised item loadings of all items are above the threshold of 0.5 (Malhotra, 2010) and statistically 
significant at p < 0.001. All constructs displayed composite reliability (CR) exceeding 0.6 (Malhotra 2010). Convergent 
validity is further assured with all average variances (AVE) > 0.5. Discriminant validity was measured by ensuring the 
AVE is greater than the maximum shared variance (MSV) between each pair of constructs in the measurement model 
(Fornell and Larcker, 1981). No discriminant validity concerns were identified as indicated in Table 1. 
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TABLE 1: 
COMPOSITE RELIABILITY, CONVERGENT VALIDITY AND DISCRIMINANT VALIDITY 
Factors SW CR AVE MSV 
Threshold (>0.5) (> 0.6) (>0.5) (<AVE) 
Mood and emotions 0.857 0.857 0.558 
The experience at the venue: 
lifted my mood 0.926 
was exciting 0.961 
made me fee! happy and cheerful 0.942 
Pleasure shopping 0.957 0.690 0.593 
The experience at the venue: 
was adventurous. 0.830 
was stimulating. 0.903 
made me feel as if | was exploring new worlds. 0.852 
was an escape from reality. 0.739 
was stress relieving. 0.849 
was much better than any experience | had at another restaurant/retailer/cinema. 0.826 
The venue offered a quick opportunity for fun. 0.730 
The venue doesn't just sell food/products/a movie, it entertains. 0.835 
The experience at the venue was a great way of spending my free time. 0.903 
The visit to the venue was enjoyable for its own sake, not just for the purpose of eating/items | may have bought/the movie. 0.823 
Social shopping 0.933 0.824 0.593 
The visit to the venue: 
was great for socializing. 0.904 
was great to meet up with friends and family. 0.977 
allowed me to bond with others. 0.836 
Role shopping 0.920 0.793 0.158 
The visit to the venue: 
enabled me to purchase something unique for someone special. 0.889 
was a unique opportunity for me to treat someone special. 0.906 
was the perfect gift for someone special. 0.876 
Irresistible desire creation 0.930 0.815 0.579 
The temptation for a good experience was difficult to resist. 0.866 
The offerings looked too promising to pass up. 0.918 
The whole setup at the venue created a desire within me. 0.923 
Impulse purchases 0.661 0.508 0.356 
| didn’t plan on purchasing anything but decided to do while | was at the venue. 0.523 
| spontaneously bought something. 0.862 
Impulse participation in activities 0.767 380.538 ~=—:0.384 
| planned some of the activities | engaged in but decided to partake in the rest on the spur of the moment. 0.560 
| spontaneously decided to partake in an activity at the venue. 0.956 
| didn’t know about the activities offered at the venue but decided to partake on the spot. 0.622 





Structural equation modelling 


Lastly, a full latent model was assessed to uncover the significant structural paths behaviour as hypothesised. 
Model fit indices met the acceptable criteria (y2 = 655.827; df = 304; p = 0.000; CMIN = 2.157; CFI = 0.926; IFI = 
0.927; TLI = 0.914; RMSEA = 0.08). Overall good model fit was achieved. 


Path analysis indicates seven significant influences on impulse behaviour amongst the independent variables. 
Mood and emotions as well as pleasure shopping exert positive significant influences on consumers’ irresistible desire 
creation. Pleasure shopping as well as role shopping were identified to have positive significant influences on impulse 
purchases whilst mood and emotions portrayed an unexpected negative influence on impulse purchases. Mood and 
emotions once again portrayed a significant negative influence on impulse participation in activities whilst a significant 
positive influence of pleasure shopping on impulse participation in activities was also evident. No significant influence 
was evident between social shopping and the impulse behavioural outcome. Table 2 summarises the results. 


CONCLUSION AND IMPLICATIONS 

The study examined the influence of specific internal antecedents (mood and emotions, hedonism, and recreation) 
on consumers’ impulse behaviour in an experiential retail setting. Although depicted from literature as separate 
constructs, analysis indicates that recreation also forms part of hedonistic motives, particularly serving as a driving 
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FIGURE 2: 
A MODEL THAT DEPICTS THE INFLUENCE OF INTERNAL ANTECEDENTS ON CONSUMERS’ IMPULSE 
BEHAVIOUR IN EXPERIENTIAL RETAIL CONTEXTS 
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force for pleasure shopping motives. The study expands literature by presenting an integrative model that indicates 
the relevance of these antecedents in terms of three types of impulse behavioural outcomes within an experiential 
retail setting, namely: irresistible desire creation (a strong inner urge to indulge); impulse purchases; as well as 
impulse participation in activities. Findings revealed that of the possible behavioural outcomes, impulse purchases 
are the most likely to occur. 


The antecedent, mood and emotions has a significant influence on all impulse behavioural outcomes. H1 is 
partially supported in that mood and emotions positively prompts consumers’ irresistible desire creation. Particularly 
enlightening, is that the influence of mood and emotions on impulse purchases as well as on impulse participation 
in activities are significantly negative, suggesting that consumers whose emotions are positively influenced by the 
experience will be less inclined to purchase products or partake in activities during their encounter. This finding 
contradicts former research (Backstrom and Johansson 2006; Verplanken and Sato 2011). Confirmation of a positive 
influence of experiential retail on consumers’ mood and emotions indicates that the experience in itself is worthwhile. 
Retailers and marketers should hence optimize emotional appeals to entice consumers to patronise experiential retail 
environments and to do so, marketing efforts should be emotionally persuasive, without disclosing too much of what 
the experience actually entails. 


People who visit experiential retailers merely for the sake of pleasure will highly likely experience an irresistible 
desire and be swayed to purchase products on the spot or make a spontaneous decision to participate in activities. 
H2a is thus supported. The fun and adventurous nature of experiential venues allow consumers to fantasise and 
explore, and to escape from the burdening realities of life. When immersed in this experience, visitors will highly likely 
act upon their desires and impulsive purchases as well as the opportunity to partake in activities impulsively will aid 
to further enhance the positive outcome of the encounter. Experiential retailers should thus continue to augment the 
pleasurable aspects which will inadvertently culminate into impulse acts, rather than to focus on utilitarian gains. The 
positive influence in terms of the creation of irresistible desires is significant in terms of patrons’ return intentions, and 
therefore the experience should constantly be innovated to make it memorable. 


Social shopping was not significant in influencing impulse behaviour, thus not supporting H2b. This implies that, 
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even though experiential consumers might use this platform for socialisation, they will probably not succumb to spur 
of the moment acts. This contradicts findings of Verplanken and Herabadi (2001) as well as Dhaundiyal and Coughlan 
(2016) who both reported a positive association between being sociable and increased impulse buying tendencies. 
Consumers utilising retail venues for socialization, regard this as the primary objective, with all other options, including 
buying, being secondary (Dhaundiyal and Coughlan 2016). When in groups, people are influenced by one another’s 
acts (Verhoef, Lemon, Parasuraman, Roggeveen, Tsiros and Schlesinger 2009). Some individuals may therefore be 
more reluctant to act impulsively out of fear for being criticized. When promoting the venue, experiential retailers can 
nevertheless still benefit from group visits as an opportunity for socialization. Through group offerings, retailers could 
target joint decision-making, which will not necessarily culminate in terms of individuals’ impulse behaviour. However, 
as an off spin, individuals may be encouraged to return on their own or in smaller groups later on when they will not 
be intimidated by others’ behaviour. 


Findings indicate that role shopping positively influences impulse purchases but does not affect irresistible desire 
creation or impulse participation, partially supporting H2c. Hence, experiential-venues provide the perfect platform 
to treat someone special or to purchase a unique gift. Experiential retailers could benefit from having merchandise 
available that could serve as memorabilia and that would prompt curiosity and interest of non-visitors. Ideally, 
products should be functional with unique aesthetic characteristics so that they could serve as exclusive gifts. For 
role shoppers who generally do not directly benefit from their purchases, an offering of reasonably priced goods at 
experiential venues would be more important than for pleasure seekers. Role shoppers’ product choices are very 
important because their gifts serve as sales promotion, i.e. a marketing tool that could lure the recipients to visit the 
venue to gain first-hand experience. 


To conclude, mood and emotions, pleasure shopping and role shopping are meaningful in terms of consumers’ 
impulse behaviour in experiential retail settings. Consumers find experiential venues emotionally satisfying even 
though they might not physically or financially contribute through response to offers. Consumers finding themselves 
in a negative mood or emotional state prior to entering an experiential venue, might impulsively decide to purchase 
products or partake in activities offered at the venue in an attempt to alleviate the uncomfortable internal state. Many 
experiential consumers are pleasure seekers to whom the experiential environment serves as an important distraction 
from reality. These consumers are valuable targets for retailers as they often indulge in experiential offerings. For 
them, the environment together with the promise of an unforgettable experience serves as the main attractions and 
should therefore be specially crafted and continuously reinvented by retailers to retain their interest. Experiential 
retail also serves as a platform for consumers to socialise or to treat someone. Gift packages or special packages 
for group visits may be excellent attractions because these types of purchases are usually predetermined and not 
spontaneous. 


Although visitors to experiential venues not necessarily do so with the intention to purchase products, purchases 
are often made because impulse urges are evoked. Even though literature suggests that the main focus of an 
experiential venue - from the retailer’s perspective - should be to create an experience instead of aiming for sales 
(Pine and Gilmore, 2011), retailers depend on sales to survive. Retailers’ initiatives should therefore demonstrate 
effort to attract purchases in subtle ways to ensure that they capitalize on additional- or unexpected offerings that 
would make their innovative efforts worthwhile. 


LIMITATIONS 


Future studies could take on an in-situ research methodology as an alternative option for data collection. Based on 
this method, data gathering will be enabled through observation or by recruiting patrons while in an actual experiential 
retail setting. This might help the researcher to more accurately capture mood, emotions as well as impulse behaviour, 
which are complicated constructs to reflect on and which might be easier to observe and lead to deeper insight when 
talked about directly after an experience. 


Although not feasible in this study due to the limited number of experiential retailers available in South Africa up 
to the point of data collection, future studies should aim for a bigger sample size. Gathering the same amount of 
responses for each of the different types of experiential retailers can further be useful for distinguishing between 
the most prominent internal driving forces that prompt consumers towards visiting the different types of experiential 
retailers. 
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The merger of pleasure shopping and recreation as one construct due to discriminant validity concerns, indicates 
that future studies should consider the refinement of a scale measuring the encompassing new construct of pleasure 
shopping (holistically representing adventure shopping, gratification shopping, value shopping as well as recreation). 
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